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A Study on the Product Planning Model based on Word2Vec using
On—offline Comment Analysis: Focused on the Noiseless Vertical
Mouse User
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Abstract In this paper, we conducted word—to—word similarity analysis of standardized datasets
collected through web crawling for 10,000 Vertical Noise Mouses using Word2Vec, and made 92
students of computer engineering use the products presented for 5 days, and conducted self—report
questionnaire analysis. The questionnaire analysis was conducted by collecting the words in the form
of a narrative form and presenting and selecting the top 50 words extracted from the word frequency
analysis and the word similarity analysis. As a result of analyzing the similarity of e—commerce user's
product review, pain (.985) and design (.963) were analyzed as the advantages of click keywords, and
the disadvantages were vertical (.985) and adaptation (.948). In the descriptive frequency analysis, the
most frequently selected items were Vertical (123) and Pain (118). Vertical (83) and Pain (75) were
selected for the advantages of selecting the long/demerit similar words, and adaptation (89) and buttons
(72) were selected for the disadvantages. Therefore, it is expected that decision makers and product
planners of medium and small enterprises can be used as important data for decision making when the
method applied in this study is reflected as a new product development process and a review strategy
of existing products.
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Fig. 1. Two training algorithms of word2vec modeling
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Fig. 4. Proposed System Architecture
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for sentence in online_reivew_list;
temp_X=okt.morphs(sentence, stem=True)

temp_X=[word for word in temp_X if not

word in stopwords]

tokenizend_data.append(temp_X)

Fig. 5. Proposed Algorithm
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Table 1. General matters of service evaluation

Division Description

Data 10,000 online user reviews

Target Product Vertical wire/wireless anti—noise mouse

Python
Word2Vec

Development language

Word Embedding

Table 2. Survey results

Learning results
Division Strength Weakness
Content Similarity Content Similarity
Vertical 1.000 Light .952
Pain 1985 Adaptation .948
Vertical Design .963 Inconvenience .883
Wrist 954 cost—effective 854
ness
Click 1.000 Hard .941
- Anti—noise .966 Game .844
Button 965 Weight 722
Sensitivity 1933
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(Table 3. #=).

™ Ho

Vertical Wired and Wireless Noiseless
Mouse

5 Days

Target Product

Use Period
Survey Method

Online Form

Survey Form Self—Reported Survey
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Table 4. Survey Results

Division F;i?;igiy Frequency(%)
Vertical 123 134%
Pain 118 128%
Anti—noise 86 93%
Adaptation 82 89%
Wrist 70 76%
Design 67 73%
Button 67 73%
Hard 55 60%
Cost—effectiveness 50 54%
Inconvenience 42 46%
Sensitivity 41 45%
Game 38 41%
Vdt 35 38%

Table 5. Survey Results

Survey results
Division —
Description Select Amount
Vertical 83
Pain 75
Strength
Anti—noise 68
Wrist 58
Adaptation 89
Button 72
Weakness
Hard 67
Cost—effectiveness 45
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