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Comparison of Housewives’ Agricultural

Food Consumption Characteristics by Age
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Abstract

Lifestyle is changing rapidly, and food consumption patterns vary widely among households as dietary and food processing
technologies evolve. This paper reclassified the food group of consumer panel data established by the Rural Development
Administration, which contains information on purchasing agricultural products by household unit, and compared the
consumption characteristics of agricultural products by age group. The criteria for age classification were divided into
groups in their 60s and older with a prevalence of 20% or more metabolic diseases and groups in their 30s and 40s
with less than 10%. Using the LightGBM algorithm, we classified the differences in food consumption patterns in
their 30s and 50s and 60s and found that the precision was 0.85, the reproducibility was 0.71, and F1_score was 0.77.
The results of variable importance were confectionery, folio, seasoned vegetables, fruit vegetables, and marine products,
followed by the top five values of the SHAP indicator: confectionery, marine products, seasoned vegetables, fruit vegeta-
bles, and folio vegetables. As a result of binary classification of consumption patterns as a median instead of the average
sensitive to outliers, confectionery showed that those in their 30s and 40s were more than twice as high as those in
their 60s. Other variables also showed significant differences between those in their 30s and 40s and those in their
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60s and older. According to the study, people in their 30s and 40s consumed more than twice as much confectionery
as those in their 60s, while those in their 60s consumed more than twice as much marine products, seasoned vegetables,
fruit vegetables, and folioce or logistics as much as those in their 30s and 40s. In addition to the top five items,
consumption of 30s and 40s in wheat-processed snacks, breads and noodles was high, which differed from food con-

sumption patterns in their 60s.

m Keyword : Agri-food consumption, consumption pattern, panel data, LightGBM
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