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Design and Implementation of Deep Learning Models for

Predicting Energy Usage by Device per Household
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Abstract

Korea is both a resource-poor country and a energy-consuming country. In addition, the use and dependence on electricity
is very high, and more than 20% of total energy use is consumed in buildings. As research on deep learning and
machine learning is active, research is underway to apply various algorithms to energy efficiency fields, and the in-
troduction of building energy management systems (BEMS) for efficient energy management is increasing. In this paper,
we constructed a database based on energy usage by device per household directly collected using smart plugs. We
also implement algorithms that effectively analyze and predict the data collected using RNN and LSTM models. In
the future, this data can be applied to analysis of power consumption patterns beyond prediction of energy consumption.
This can help improve energy efficiency and is expected to help manage effective power usage through prediction
of future data.

m Keyword : Energy Moniotring, Energy consumption prediction, Energy Management System, Machine Learning Model
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