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A Study on Efficient Network Topology Visualization using Node Centrality

Beom-Hwan Chang®, Jemin Ryu®*, Koohyung Kwon™**

ABSTRACT

Network topology visualization has been studied a lot since the past and developed with many tools. The network
topology has strength in understanding the overall structure of a network physically and is useful for understanding data
flow between nodes logically. Although there are existing tools, not many can be utilized efficiently while using the
general network node data structure and express the topology similar to the actual network structure. In this paper, we
propose an efficient method to visualize topology using only connection information of network nodes. The method finds
the central node by using the centrality, the influence of nodes in the network, and visualizes the topology by dynamically
segmenting all nodes and placing network nodes in 3D space using the weight of the child node. It is a straightforward
method, yet it effectively visualizes in the form of an actual network structure.

Key words : Network Topology, Topology Visualization, Node Centrality Visualization
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