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Abstract

The purpose of the study is to investigate the effect of digital literacy, perceived usefulness, and perceived ease of use on Internet users’
online purchase intention in Palestine, as well to examine the moderating effect of Internet users’ socioeconomic characteristics — age and
gender on the relationships between digital literacy and online purchase intention. An extended technology acceptance model (TAM) by
including digital literacy was applied in this research. The study applied a quantitative method, where 400 respondents participated in a
questionnaire. The collected data was tested against the research framework using the partial least squares (SEM-PLS) method. The findings
indicate that digital literacy has a significant effect on perceived usefulness, perceived ease of use, and online purchase intention; there is
a significant effect of perceived usefulness on online purchase intention, but not perceived ease of use. On the other hand, socioeconomic
variables demonstrate that neither age nor gender moderates the relationship between digital literacy and online purchase intention; in short,

age and gender do not condition the intention of the Internet user.
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1. Introduction

There is no doubt that the Internet has grown rapidly in
recent years and has become an effective and profitable tool
for communication, electronic businesses, and sustainable
business development (Law et al., 2016). Increased Internet
penetration has accelerated the global adoption of B2C
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e-commerce and creates opportunities for businesses to
remain competitive by providing individuals with a more
convenient, faster, and less expensive way to make purchases.
This is because it creates or provides new opportunities for
companies and customers to share information or services
among themselves and produce sophisticated new forms of
business methods. Scholars recognized an increasing number
of Internet-enabled devices that help individuals search for
information through the Internet or even purchase products
and services online (Grewal et al., 2017) Consequently, with
the development of the Internet and technology, our daily
life has changed dramatically, with various benefits for the
e-retailer, individuals, and even business development as a
whole. As a result, Internet has emerged as a critical driver of
economic growth and improving the business method such
as transforming from traditional to online shopping.
Because of the low transaction costs, e-commerce
has become the primary key to facilitating electronic
transactions by relying on information and communications
technology (ICT) in e-commerce transactions, making it
more accessible, convenient, and time-saving. As one of the
most significant advantages provided by the advancement of
ICT, online shopping is a form of e-commerce that allows
consumers to directly buy goods or services from a seller
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over the Internet using a web browser or a mobile app.
Several prior studies demonstrated that online shopping is
an effective shopping method because it saves individuals
time, is more practical, more convenient than conventional
shopping, and provides a new shopping experience (Ganesh
et al., 2010). Online shopping has been around for nearly
two decades in developed countries; however, it is still in its
early stages in developing countries (Alyoubi, 2015).

Purchase intention toward online shopping is one of
the most leading research fields in B2C e-commerce over
the last decade. The intentions of the consumer are an
indicator of the extent to which people are willing to carry
out a specific behavior (Ajzen, 1991). To capture what is
in the individuals’ minds, measuring their intentions is
more effective than measuring their actual behaviors due to
constraints during the actual purchase process (Day, 1976).
As a result, individuals' purchase intentions toward online
shopping will demonstrate the power of the individuals’
attitude toward their willingness to online shopping. The
buying behavior of online customers is related to how
customers decide what product or services to purchase
online, which is defined by a cognitive state known as
purchase intention. According to the prior review of the
literature, the majority of scholars have defined online
purchase intention with nearly the same meaning. For
example, according to the definition of online purchase
intention by Pavlou (2003), it is the desire and intent to
purchase services or products over the Internet.

As a developing country, Palestine is an example
that has a low percentage of adopting online shopping by
their populations. Even though Palestine has adequate
infrastructure in terms of Internet, software, and hardware,
which are the main requirements for online shopping, only
79.6% of households have Internet, 86.2% have smartphones.
However, according to the Palestinian Statistics Centre, only
8.1% did online shopping in 2019. Thus, this can be viewed
as an empirical gap and motivation for this study to fill this
gap by investigating the factors that influence Palestinians
not to shop online. Many previous studies were conducted
in developed countries to investigate individuals’ intention
to shop online. However, there are still limited studies in
developing countries, particularly in Palestine. Furthermore,
up to our knowledge, there are no such studies conducted
to investigate the influence of digital literacy on online
purchase intention; thus, the study will fulfill this knowledge
gap in the body of the literature.

Many substantial previous studies have investigated
the influence of various factors on individuals’ online
purchase intentions. For example, perceived ease of
use (Nasution et al., 2019), perceived usefulness (Jin,
2016; Nasution et al., 2019; Ha et al., 2021), computer
self-efficacy (Ranganathan & Jha, 2009), perceived risk
(Tham et al., 2019), perceived risk (Tham et al., 2019;

Ha et al., 2021), and self-efficacy (Phong et al., 2018).
Based on these previous studies, it appears that there is
a lack of clarity and consistency in terms of the factors
that influence purchase intention in e-commerce.

The significant problem that e-retailers meet is attracting
individuals’ purchase intentions to shop online, particularly
Internet users. To fulfill the empirical and knowledge gaps,
this study adopts a different model as part of the solution
that includes four variables to investigate the factors that
deter Palestinian Internet users from shopping online.
Furthermore, the study uses socioeconomic characteristics
of Internet users - such as age and gender, to investigate their
moderating effect on the relationship between digital literacy
and online purchase intention.

The objective of this study is to find out whether
digital literacy, perceived usefulness, and perceived ease
of use influence Internet users’ intention to shop online;
as well as to test the moderating effect of socioeconomic
characteristics of Internet users - such as age and gender - on
the relationship between digital literacy and online purchase
intention. Furthermore, to test whether perceived usefulness
and perceived ease of use mediate the relationship between
digital literacy and online purchase intention. Moreover,
limited studies are being conducted on individuals’ purchase
intention toward online shopping, especially in the Palestine
context. As the online shopping concept is still in its early
stages of development in Palestine, it is necessary to
investigate the factors influencing individuals’ purchase
intentions in this area.

This study developed an extended technology acceptance
model (TAM) by including the digital literacy construct
to achieve the objectives mentioned above. The SEM-
PLS method (i.e., causal model) will be applied to test the
model, mediating effect, and moderating effect. The causal
model will be tested using the structural equation modeling
(SEM) technique, followed by testing the moderating effect
of socioeconomic variables on digital literacy and online
purchase intention. Furthermore, the study will estimate the
mediating effect of perceived usefulness and perceived ease
of use on the relationship between digital literacy and online
purchase intention. Thus, in short, the study tries to answer
the following research questions:

e Does digital literacy have a significant effect on
individuals’ online purchase intention?

e Does perceived usefulness have a significant effect on
individuals’ online purchase intention?

e Does perceived ease of use have a significant effect on
individuals’ online purchase intention?

e Does perceived usefulness mediate the relationship
between digital literacy and online purchase intention?

e Does perceived ease of use mediate the relationship
between digital literacy and online purchase intention?
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e Does gender moderate the relationship between digital
literacy and online purchase intention?

e Does age moderate the relationship between digital
literacy and online purchase intention?

2. Literature Review and Hypotheses

2.1. Digital Literacy

Access to technology does not guarantee that individuals
will achieve the expected socioeconomic goals because
specific fundamental skills and understanding are required
for IT systems (i.e., E-commerce) to be adopted effectively
and critically. Digital literacy refers to an individual’s ability
to find, evaluate, and clearly communicate information
through typing and other media on various digital platforms.
Digital literacy is the awareness, attitude, and ability of
individuals to appropriately use digital tools and facilities
to identify, access, manage, integrate, evaluate, analyze
and synthesize digital resources, construct new knowledge,
create media expressions, and communicate with others, in
the context of specific life situations, to enable constructive
social action and reflect upon this process. In that essence,
a person with digital literacy skills requires his/her ability
to correctly understand and interpret information through
the use of ICT in a way that facilitates their own goals.
Meyers et al. (2013) also stated that an individual who
lacks digital literacy is less likely to become a competent
student, a motivated employee, or an engaged individual
in various technological contexts such as e-learning,
e-commerce, e-government, and e-health. In general digital
literacy plays a critical contribution in developing business
and marketing networks.

The digital literacy framework is a general framework
for measuring an individual’s digital literacy that takes
three concepts into account: cognitive, technical, and socio-
emotional, all of which interact and interfere with one
another. Based on these concepts, an individual with digital
literacy skills should have operational and technical skills,
think critically and evaluate digital content, and use the Web
safely for work, learning, and other day-to-day activities.
Callum and Jeffrey (2014) demonstrated the importance
of digital literacy in accepting mobile learning technology.
Nawafleh (2018) showed that digital literacy has a positive
and significant influence on increasing individuals® intention
to use e-government services.

HI: Digital literacy has a positive effect on online
purchase intention.

H2: Digital literacy has a positive effect on perceived
usefulness.

H3: Digital literacy has a positive effect on perceived
ease of use.

2.2. Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM) was formed
by Davis et al. (1989). TAM is the most widely applied
model by scholars to investigate the factors influencing an
individual’s attitude, intention, and readiness to adopt a
new technology or system, particularly in the information
system context. Based on TAM theory, the individuals’
attitudes, intentions, and behaviors toward accepting a
particular new technology or system are influenced by
two main determinants: perceived usefulness (PU) and
perceived ease of use (PEOU). Furthermore, the TAM
model was empirically validated to predict individuals®
behavior in the e-commerce context (Pavlou, 2003).
As a result, this study proposes that TAM can predict and
explain the adoption of online shopping. Furthermore,
according to Tahar et al. (2020), together, perceived
ease of use and perceived usefulness determine attitudes
toward the use of technology, which can influence the
behavioral intention to use, leading to the actual use of
the system.

2.2.1. Perceived Usefulness (PU)

The perceived usefulness of an information system
is a major predictor of individuals’ initial intentions to
adopt it (Davis et al., 1989). Perceived usefulness is the
degree to which a person believes that using a particular
system would enhance his/her job performance (Davis
et al., 1989; Zhu et al., 2009). Information technology
in developing countries is still in its early stages when
compared to the developed countries. As a result, this
study used perceived usefulness as a proposed factor that
could influence an individual’s purchase intention to shop
online in Palestine, a developing country, and e-commerce
still in its early stages.

The majority of previous research on perceived use-
fulness was conducted in developing countries (Zhao & Cao,
2012; Nguyen & Barrett, 2006). The study conducted by
Rehman (2019) and Ha et al. (2021) revealed that perceived
usefulness positively and significantly influences consumer
purchase intention.

HA4: Perceived usefulness has a positive effect on
online purchase intention.

2.2.2. Perceived Ease of Use (PEOU)

Davis et al. (1989) defined perceived ease of use as the
degree to which a person believes that using a particular
system would be free of effort. In other words, perceived ease
ofuse is an individual’s belief a technology or an information
system is easy to understand. In other words, perceived ease



Ayman NAZZAL, Armanu THOYIB, Djumilah ZAIN, Ananda Sabil HUSSEIN /
208 Journal of Asian Finance, Economics and Business Vol 8 No 8 (2021) 0205-0215

of use is a subjective perception by individuals concerning
the degree of effort required to adopt a new information
system. Several previous studies were conducted to assess
the causal relationship between perceived ease of use and an
individual’s online purchase intention, which demonstrated
that perceived ease of use has a positive influence on online
purchase intention, such as (Jin, 2016; Nasution et al., 2019;
Pavlou, 2003).

HS5: Perceived ease of use has a positive effect on online
purchase intention.

2.3. The Moderating Effect
2.3.1. Age

Age is an essential socioeconomic characteristic
that directly and as a moderator affects an individual’s
behavioral intention, adoption, and acceptance of technology
(Wang & Chen 2009; Chung, 2010). The literature review
emphasized the significance of individuals’ age in
predicting their behaviors. Younger individuals typically
have more experience with the Internet, and aspects such
as usefulness and attitude become more critical (Morris
& Venkatesh, 2000; Trocchia & Janda, 2000). In contrast,
older individuals perceive greater risks, have more difficulty
creating syntactically complex commands, and emphasize
the perception of self-efficacy (Morris & Venkatesh, 2000;
Trocchia & Janda, 2000). As a result, some studies have
assessed age as a relevant variable in explaining individuals’
shopping behavior online.

Some scholars demonstrated that age does not
significantly affect IT use, stating that the assumption
young individuals were already familiar with the Internet
and that older individuals were resistant was incorrect

(Roussos, 2007). Furthermore, Chung (2010) hypothesized
that age as a moderator would increase the explanatory
power of a TAM. Based on the above findings, it is clear
that there is still inconsistency in the results concerning the
moderating role of age. Thus, the study predicted that the
moderating effect of age on the relationship between digital
literacy and online purchase intention would be stronger
for younger Internet users.

H6: The effect of digital literacy upon online purchase
intention is moderated by age of the internet users.

2.3.2. Gender

Several studies related to the acceptance of new IT
systems have been conducted to investigate the influence
of gender on decision-making and shopping behavior,
which concluded that IT features and use are assessed
differently depending on the gender of the individual (Morris
&Venkatesh, 2000).

Male and female individuals have different charac-
teristics, which affect their diverse consumption choices.
Gender plays an essential role in making purchase
decisions. An increasing number of women are using the
Internet, decreasing the gender gap in using this medium.
Furthermore, Shin (2009) suggested no statistically
significant differences in Internet use between men and
women.

H7: The effect of digital literacy upon online purchase
intention is moderated by the gender of the internet users.

The proposed research framework has six constructs and
seven hypotheses derived from the relationships between
these six constructs (Figure 1).

Age Gender
Perceived
Usefulness
H6 H7
H2 H4
. H1 \_ i
Digital Literacy /r Online Purchase

Intention

Perceived ease Hs
H3 of use

Figure 1: Research Framework and Hypotheses
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3. Methodology

The research method of study consists of two major
aspects of procedures: data collection and data analysis. The
research design is critical to every study, including a plan
for collecting, measuring, and analyzing data to answer the
research study questions. The study aims to examine the
impact of digital literacy, perceived usefulness, and perceived
ease of use on online purchasing intention. The research model
was assessed using a sample of Internet users in Palestine.
The current study used a quantitative approach because it was
based on grounded theory and previous research.

Table 1: Constructs, Items, and Source

The population of this study is Palestinian Internet
users. The data was derived from 400 questionnaires,
answered by Palestinians of different backgrounds, ages,
incomes, genders, and the number of hours per day spent
on the Internet. As a result, the research sample will be
drawn from university academics, students, adminis-
trative staff, and employees from various ministries and
households.

A set of measurement indicators was applied to the
context of this research based on the hypothesized research
framework developed through a detailed reviewing of
prior literature on the proposed constructs (Figure 1

Construct Items

Source

Digital Literacy (DL) | DL1. | know how to solve my own technical problems.

Nguyen

DL2. | can learn new technologies easily.

DL3. | keep up with important new technologies.

DL4. | know about a lot of different technologies.

DL5. | have the technical skills | need to use ICT for learning and to create artifacts
(e.g. presentations, wikis, and blogs) that demonstrate my understanding of
what | have learned.

DL6. | am confident with my search and evaluation skills in regard to obtaining
information from the website.

DL7. | am familiar with issues related to web-based activities e.g. cyber safety,
search issues, plagiarism.

DLS8. | frequently obtain help with my university work from my friends over the
Internet e.g. through Skype, Facebook, Blogs.

DL9. ICT enables me to collaborate better with my peers on online shopping and
other learning activities.

and Barrett
(2006)

Perceived
Usefulness (PU)

PU1. | am able to accomplish my shopping goals more quickly when | shop online
(e.g. search for any buy).

PU2. | am able to improve my shopping performance when | shop online (e.g. save
time or money).

PU3. | am able to increase my shopping productivity when | shop online (e.g. make

purchase decisions or find product information within the shortest time frame).

PU4. | am able to increase my shopping effectiveness when | shop online (e.g. get
the best deal or find the most information about a product).
PUS. Shopping from online retailers makes it easier for me to satisfy my needs.

Ramayah
(2009)

Perceived Ease of

Use (PEOU)

PEOUM1. | find it easy to use most online shopping websites to find what | want.
PEOU2. | am able to browse online shopping websites with ease.

PEOUS. | find it easier to compare products when shopping at online retailers.
PEOUA4. | feel that most online shopping websites are flexible to interact with.
PEOUS. | find it easy learning to use most online shopping websites.

Lim and Ting
(2012); Davis
(1989);

Purchase Intention

(P1)

PI1. | intend to purchase products from online shopping websites in the future.

PI2. When | need to buy a particular product, | would search for an online shopping
website that has the product.

PI3. There is a substantial chance that | would purchase the same product from an
online shopping website.

Pl4. | am likely to recommend online shopping to my friends.

PI5. | am very likely to provide the online shopping websites with my personal
information it needs to better serve my needs.

Chiu (2009);
Chauhan
(2019)
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and Table 1), and a 24-indicator survey questionnaire
was used to collect data for this study. Table 1 shows
the complete list of indicators measured using multi-
scales for the constructs examined in this study. The
respondents’ responses to each of the items of the survey
were measured using a 7-point Likert scale ranging from
(1 = “strongly disagree” to 7 = “strongly agree”).

This study implements a pre-test to validate the
questionnaire items based on the opinions of an e-commerce
focus group of academics and professionals who were asked
if the questionnaire items were appropriate for evaluating
online purchase intention. Based on their experience and
feedback, some modifications were made to improve the
items’ meaning accuracy. Furthermore, the study adopted a
pilot test to reduce ambiguity in the items by ensuring that
the questionnaire is properly worded, to find out if there
are any difficulties in understanding the questionnaire,
highlight the biased and confusing questions, and to
ensure that questionnaire items have an acceptable level of
validity and reliability. A group of thirty respondents with
Internet experience participated in the pilot test in Palestine.
According to Hulland (1999), the threshold value for the
item factor loading should be more than 0.5; consequently,
all 24 items are declared valid.

4. Results and Discussions

Structural Equation Modeling (SEM) is considered
one of the best ways to test multi-variable models. The
researcher can test the relationships between those variables
simultaneously, as well as whether or not the proposed model
fits the collected data through several conformity indicators
(Hair et al., 2016). Consequently, the Structural Equation
Model (SEM) was used in this research using the Smart-PLS
method to perform the statistical analysis. According to Hair
et al. (2016), following the PLS method, the data analysis
is performed by two primary assessments of the model:
measurement assessment (external model) and structural
assessment (internal model).

4.1. Measurement Assessment (External Model)

It deals with the research variables with its indicators
to determine the constructs’ convergent and discriminate

Table 2: Threshold Values for Convergent Validity

validity and the individual reliability for each item. The
measurement model includes the assessment of convergent
validity and discriminate validity. Convergent validity refers
to how closely the new scale is related to other variables
and other measures of the same construct. Not only should
the construct correlate with related variables but it should
not correlate with dissimilar, unrelated ones. Discriminant
validity is demonstrated by evidence that measures of
constructs that theoretically should not be highly related to
each other are, in fact, not found to be highly correlated to
each other.

Convergent validity in this study was assessed using the
three basics criterion: Indicator Reliability (Factor Loading),
Internal Consistency Reliability (Composite Reliability &
Cronbach’s Alpha, and Average Variance Extracted (AVE).
Table 2 shows the acceptable threshold values for assessing
convergent validity indexes applied in this study. Based on
the results, Table 3 presents the items factor loading. DL7,
DLS, DL9, PEOU4, and OPI5 were removed because their
factor loading was <0.5. The value of factor loading for all
other items used in this study was more than the required
threshold (i.e., >0.5), and thus, the items used for measuring
each variable are valid. Besides that, average variance
extracted (AVE) is another criterion used to measure
convergent validity. As shown in Table 4, the AVE value for
all constructs ranged from 0.624 to 0.695, greater than the
threshold value (i.e., >0.5), implying that convergent validity
for all latent variables is sufficient.

The internal consistency reliability is defined as the
degree to which all items can measure the same phenomenon.
It is measured by two main criteria: Cronbach’s alpha,
whose value ranges from 0 to 1, and composite reliability.
Table 4 shows the values of composite reliability (CR) and
Cronbach’s alpha for each construct. CR values range from
0.875 to 0.922, while Cronbach’s alpha values range from
0.810 to 0.898. Based on the threshold values considered in
this study, as shown in Table 2, it is clear that the values
for the two criteria have reached the recommended threshold
value. Thus internal consistency reliability for the constructs
is established.

Following the PLS-SEM method, there are two appro-
aches to test the discriminant validity of the measurement
model, cross-loading to measure the discriminant validity
at the items level and the Fornell-Larcker criterion to test

Indicator

Accepted Values

References

Indicator Reliability (Factor loading)

Higher than 0.5

Hulland (1999)

Composite Reliability (CR)

Higher than 0.7

Fornell and Larcker (1981)

Average Variance Extracted (AVE)

Higher than 0.5

Hair et al. (2016)
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Table 3: ltems Factor Loadings

Constructs Items Initial Factor Loading | Revised Factor Loading
Digital Literacy (DL) DLA1 0.733 0.746
DL2 0.747 0.778
DL3 0.822 0.846
DL4 0.808 0.832
DL5 0.848 0.861
DL6 0.821 0.819
DL7 0.406 Deleted
DL8 -0.130 Deleted
DL9 0.479 Deleted
Perceived Ease of Use (PE) PE1 0.780 0.796
PE2 0.827 0.851
PE3 0.756 0.745
PE4 0.488 Deleted
PE5 0.780 0.800
Perceived Usefulness (PU) PU1 0.819 0.820
PU2 0.763 0.766
PU3 0.814 0.814
PU4 0.811 0.811
PU5 0.741 0.737
Online Purchase Intention (OPI) OPI1 0.797 0.817
OPI2 0.823 0.847
OPI3 0.812 0.826
OPI4 0.846 0.845
OPI5 0.441 Deleted
Table 4: Values for CR, Cronbach’s Alphs, and AVE
Constructs Compos(igRl)?eliability Crmgagh’s AVE
Digital Literacy (DL) 0.922 0.898 0.664
Perceived Ease of Use (PEOU) 0.875 0.810 0.638
Perceived Usefulness (PU) 0.892 0.849 0.624
Online Purchase Intention (OPI) 0.901 0.854 0.695

the discriminant validity at the constructs level. Table 5
below shows the cross-loading between all items and their
constructs.

As shown in Table 5, the outer loadings for all items on
their related constructs were more than their outer loadings

on other constructs. Consequently, the measurement
model’s discriminant validity was established. The
conclusion derived from the analysis of the measurement
model is that all variables used in the study are reliable
and valid.
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Table 5: Cross Loading of Reflective ltems

Table 6: R? Value of Dependent Constructs

4.2. Structural Model (Internal Model)

It is the model that explains the causal relationships
between the research variables, as it clarifies the nature
of the relationship between independent and dependent
factors and shows the ratio of impact and interpretation
factor to each of the independent factors in the dependent
factor. Through the structural model results, it is possible to
clarify the results of the research hypotheses and the value
of relationships, and their indication (positive or negative).
Following the PLS-SEM method, the essential criteria
for testing the structural model to ensure its robustness
and accuracy are as follows: Coefficient of determination
(R* Value) and Hypothesis testing (i.e., path coefficient)
(Hair, 2010). Figure 1 depicts the results of the hypothesized
structural model test.

R? value measures the amount of variance in the
endogenous construct that can be explained by all the
exogenous constructs correlated to it (Hair, 2010). The value
of R? in the dependent variable (i.e., level of accuracy) is
above 0.67, between 0.33 to 0.67, between 0.19 to 0.33,
and below 0.19, each of which represents a high, moderate,
weak, and not acceptable, respectively. Table 6 shows
the value of R? for all dependent constructs in this study.
For example, as shown in Table 6, the R? value for online

DL PE PU OPI Constructs R? | Adj R? | Result
DL1 0.746 0.495 0.414 0.363 Online Purchase Intention 0.427 | 0.416 | Moderate
DL2 0778 | 0525 | 0.441 0.399 (OP)
DL4 0.832 0.496 0.388 0.428 :
Perceived Usefulness (PU) 0.328 | 0.326 | Weak

DL5 0.861 0.581 0.523 0.464
DL6 0.819 0.585 0.538 0.426

purchase intention (OPI) is 0.427, which can be defined as
PE1 0.490 0.796 0.560 0.431 moderate. Furthermore, 0.427 means that 42.7% of online
PE2 0.547 0.851 0.532 0.397 purchase intention is explained by perceived usefulness
PE3 0.479 0.745 0.578 0.383 and perceived ease of use. Consequently, 100-42.7 (i.e.,

o . .

PE5 0,590 0.800 0578 0447 57.3%) are explained by other }atent constructs outside of

the research. The same explanation applies to the rest of the
PU1 0.553 0.661 0.820 0.535 dependent variables in this study.
PU2 0.390 0.488 0.766 0.433 The value of path coefficient (f-value) is evaluated to
PU3 0.417 0.522 0.814 0.451 measure the significance of the influence among variables

and test hypotheses (Hair, 2010). This study used a PLS
PU4 0.451 0.540 0.811 0.491 algorithm test to assess the sign and magnitude of the path
PUS 0.427 0.542 0.737 0.501 coefficient and the significance level of the path coefficient
OPI1 0.406 0.415 0.503 0.817 among dependent and independent variables, using operating
OPI2 0.461 0.443 0.497 0.847 bogtstrapping (Hair et'al.,' 2013). In gddition, according to
oPI3 0.388 0.398 0.468 0.826 Hair et al. (2013), the significant #-statistical values are 1.65,

: . : . 1.96, and 2.59 at a p-value of 10%, 5%, and 1% respectively.

OPI4 0.468 0.473 0.570 0.845 Table 7 shows evaluations of path coefficient value, t-value,

and hypotheses significance.

Table 7 shows that digital literacy significantly
influences online purchase intention (R*=0.218; p = 0.01),
indicating that HI is supported. So digital literacy was
recognized as playing a critical and significant role in
estimating users’ intention to shop via the Internet. This
finding is consistent with the results of previous studies.
For example, Callum and Jeffrey (2014) demonstrated that
digital literacy influences the lecturers’ behavioral intention
to use mobile learning.

Regarding the relationship between digital literacy and
perceived usefulness, it displays a standard coefficient
p = 0.572, t-value = 14.202 at p-value > 0.01, and thus,
hypothesis H2 is supported with a high level of significance.
This finding is consistent with Feriady (2020), who
revealed that digital literacy significantly impacts perceived
usefulness. Furthermore, Elhajjar and Ouaida (2019)
demonstrated that digital literacy positively influences
perceived usefulness towards the intention to adopt online
mobile banking.

Concerning the relationship between digital literacy
and perceived ease of use, the finding shows that digital
literacy positively influences perceived ease of use with a
high level of significance (8 = 0.662; p < 0.01), and thus,
H3 is supported. This finding is consistent with several
previous studies that have demonstrated that digital literacy
has a significant influence on perceived ease of use towards
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Table 7: Path Coefficient Value, t-value, and Significance of Hypotheses

No. Path Relationship Path Coefficients t-statistic P-value Result

HA1 DL— OPI 0.218 3.705*** 0.000 Supported
H2 DL — PU 0.572 14.202*** 0.000 Supported
H3 DL — PEOU 0.662 19.863*** 0.000 Supported
H4 PU — OPI 0.438 7.073" 0.000 Supported
H5 PEOU — OPI 0.062 0.833Ns 0.405 Rejected
H6 Age — OPI -0.078 1.912N8 0.056 Rejected
H7 Gender — OPI 0.015 0.399ns 0.690 Rejected

**Significance at t-value = 1.96 with p < 0.05, ***Significance at t-value = 2.58 with p < 0.01, NS: Not Significant, DI: Digital Literacy,
PU: Perceived Usefulness, PEOU: Perceived Ease of Use, OPI: Online Purchase Intention.

B= 0,218, T=3,705

OoPl

0.427

0.439

Figure 2: The Final Estimated Results of the Research Model

the intention to use an electronic business such as using
mobile banking (Elhajjar & Ouaida, 2019) and electronic-
learning system (Feriady, 2020).

The perceived usefulness has a positive effect with a
high significance level (f = 0.438; p <0.01) on the online
purchase intention so that H4 is supported. This finding
is consistent with previous studies (Jin, 2016; Nasution
et al., 2019).

Meanwhile, the perceived ease of use does not affect
online purchase intention (# = 0.062; p = 0.405 > 0.10), so
HS5 is rejected. It can be concluded that the perceived ease
of use variable does not play a critical factor in influencing
the intention of Palestinians to shop through the Internet.
This finding is consistent with Callum and Jeffrey (2014)
who demonstrated that perceived ease of use does not
influence lecturers’ behavioral intention to adopt mobile
learning. Nevertheless, this finding contradicts several
findings of previous studies conducted by (Jackson &
Farzaneh 2012; Thomas et al. 2019; Nasution et al., 2019),

which demonstrated that perceived ease of use has a positive
influence on individuals’ purchase intention.

Regarding the moderating effect, age (f = —0.078;
p =0.056 > 0.05) and gender (f = 0.015; p = 0.690 > 0.05),
the findings show that they do not have a moderating effect
on the relationship between digital literacy and online
purchase intention so that H6 and H7 are rejected. Based
on the analysis results, the model estimation results on the
Palestinian Internet users ‘intention to shop online using
SmartPLS can be seen in Figure 2.

5. Managerial Implication

The main contribution of this study is the development
of a framework for assessing the influence of digital literacy
on online purchase intention, either directly or indirectly.
This research provides information to online retailers
about the factors that influence Internet users’ intention
to shop online in Palestine. Based on this information,
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retailers will be able to understand which aspects of their
marketing strategies and actions they should highlight to
encourage non-purchasing Internet users to participate in
online shopping. Based on the study’s findings, the digital
literacy variable has a significant effect and the most
decisive factor in online purchase intention. Consequently,
the crucial managerial implication from this study is the
need to increase the digital literacy skills of Palestinians.

6. Conclusion

The online purchase intention of Palestinian’ internet
users is influenced by both digital literacy and perceived
usefulness. Digital literacy and perceived usefulness have
a highly significant influence on Palestinians intention
to shop online. Digital literacy has a significant impact
on both perceived usefulness and perceived ease of use.
In addition, the results demonstrated that perceived
usefulness has a positive and significant effect on online
purchase intention. On the other hand, perceived ease of
use does not directly affect Palestinian intentions to shop
through the Internet. Finally, both age and gender were
found to have no moderate effect between digital literacy
and online purchase intention.
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