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Abstract Speech recognition technology is being combined with deep learning and is developing at a
rapid pace. In particular, voice recognition services are connected to various devices such as artificial
intelligence speakers, vehicle voice recognition, and smartphones, and voice recognition technology is
being used in various places, not in specific areas of the industry. In this situation, research to meet high
expectations for the technology is also being actively conducted. Among them, in the field of natural
language processing (NLP), there is a need for research in the field of removing ambient noise or
unnecessary voice signals that have a great influence on the speech recognition recognition rate. Many
domestic and foreign companies are already using the latest Al technology for such research. Among
them, research using a convolutional neural network algorithm (CNN) is being actively conducted. The
purpose of this study is to determine the non-voice section from the user's speech section through the
convolutional neural network. It collects the voice files (wav) of 5 speakers to generate learning data,
and utilizes the convolutional neural network to determine the speech section and the non-voice section.
A classification model for discriminating speech sections was created. Afterwards, an experiment was
conducted to detect the non-speech section through the generated model, and as a result, an accuracy
of 94% was obtained.
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Fig. 1. Structure of a typical Convolutional Neural Network

2.2. WAV(Waveform Audio File Format)
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Fig. 3. WAV Signal - Speech Signal
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Fig. 4. WAV Signal - Non—Speech Signal
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Fig. 5. CNN Moudle
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Fig. 9. generated wav file
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