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Abstract

Based on the TF-IDF weighted value that evaluates the importance of words that play a key role, the semantic
network analysis(SNA) was conducted on the self-introduction letter of freshman at Korea National College of
Agriculture and Fisheries(KNCAF) in 2020.

The top three words calculated by TF-IDF weights were agriculture, mathematics, study (Q. 1), clubs, plants,
friends (Q. 2), friends, clubs, opinions, (Q. 3), mushrooms, insects, and fathers (Q. 4). In the relationship between
words, the words with high betweenness centrality are reason, high school, attending (Q. 1), garbage, high school,
school (Q. 2), importance, misunderstanding, completion (Q.3), processing, feed, and farmhouse (Q. 4). The words
with high degree centrality are high school, inquiry, grades (Q. 1), garbage, cleanup, class time (Q. 2), opinion,
meetings, volunteer activities (Q.3), processing, space, and practice (Q. 4). The combination of words with high
frequency of simultaneous appearances, that is, high correlation, appeared as ‘certification — acquisition’, ‘problem —
solution’, ‘science — life’, and ‘misunderstanding — concession’.

In cluster analysis, the number of clusters obtained by the height of cluster dendrogram was 2(Q.1), 4(Q.2, 4)
and 5(Q. 3). At this time, the cohesion in Cluster was high and the heterogeneity between Clusters was clearly
shown.
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(a) vertices = 219, total edges= 23871
Fig. 1. Semantic network analysis by edge number difference
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Table 5. Edge weight between keywords by item
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