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Optimization Technique to recognize Hand Motion of Wrist

Rehabilitation using Neural Network
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Abstract This study is a study to recognize hand movements using a neural network for wrist
rehabilitation. The rehabilitation of the hand aims to restore the function of the injured hand to the
maximum and enable daily life, occupation, and hobby. It is common for a physical therapist, an
occupational therapist, and a security tool maker to form a team and approach a doctor for a hand
rehabilitation. However, it is very inefficient economically and temporally to find a place for treatment.
In order to solve this problem, in this study, patients directly use smart devices to perform rehabilitation
treatment. Using this will be very helpful in terms of cost and time. In this study, a wrist rehabilitation
dataset was created by collecting data on 4 types of rehabilitation exercises from 10 persons. Hand
gesture recognition was constructed using a neural network. As a result, the accuracy of 93% was

obtained, and the usefulness of this system was verified.
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