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Abstract

As the transaction volume of the C2C second-hand market is growing, the number of frauds, which
intend to earn unfair gains by sending products different from specified ones or not sending them to
buyers, is also increasing. This study explores the model that can identify frauds in the online C2C
second-hand market by examining the postings for transactions. For this goal, this study collected 145,536
field data from actual C2C second-hand market. Then, the model is built with the characteristics from
postings such as the topic and the linguistic characteristics of the product description, and the characteristics
of products, postings, sellers, and transactions. The constructed model is then trained by the machine
learning algorithm XGBoost. The final analysis results show that fraudulent postings have less information,
which is also less specific, fewer nouns and images, a higher ratio of the number and white space,
and a shorter length than genuine postings do. Also, while the genuine postings are focused on the
product information for nouns, delivery information for verbs, and actions for adjectives, the fraudulent
postings did not show those characteristics. This study shows that the various features can be extracted
from postings written in C2C second-hand transactions and be used to construct an effective model for
frauds. The proposed model can be also considered and applied for the other C2C platforms. Overall,
the model proposed in this study can be expected to have positive effects on suppressing and preventing
fraudulent behavior in online C2C markets.
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