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Fig. 1-1 The Trend of Art Market
Transactions for 11 Years(Ministry of Culture
2019)
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Fig. 3—9 Skip—gram model(Mikolov et al., 2013a)
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Fig. 4—2 Visualize Word Frequency
for Middle Artist articles
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Fig. 4—4 Artist Analysis System
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Art transaction using big data
Artist analysis system implementation

SeungKyung Lee*, JongTae Lim**

ABSTRACT

The size of the domestic art market has increased 21.9% over the past five years as of 2018 to KRW
448.2 billion and the number of transactions has also increased 31.6% to 39,367 points maintaining growth for
the fifth consecutive year. Art distribution platforms are diversifying from galleries and auction-style offline
to online auctions. The art market consists of three areas: production (creation), distribution (trade), and
consumption (buying) of works and as the perception of artistic value as well as economic value spreads
interest is also increasing as a means of investment. Consumers who purchase works and think of them as a
means of investment technology have an increased need for objective information about their works, but
there is a limit to collecting and analyzing objective and reliable statistics because information provision in
the art market distribution area is closed and unbalanced.

This paper identifies objective and reliable art distribution status and status through big data collection and
structured and unstructured data analysis on art market distribution areas. Through this, we want to
implement a system that can objectively provide analysis of authors in the current market.

This study collected author information from art distribution sites and calculated the frequency of
associated words by writer by collecting and analyzing the author’s articles from Maeil Business, a daily
newspaper. It aims to provide consumers with objective and reliable information.

Keywords. art market, bigdata, crawiing, korean NLP, data visualization
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