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Abstract

There are various educational programming environments in which students can train artificial intelligence (AI)
using block-based programming languages, such as Entry, Machine Learning for Kids, and Teachable Machine.
However, these programming environments are designed so that students can train Al through a separate menu,
and then use the trained model in the code editor. These approaches have the advantage that students can check
the training process more intuitively, but there is also the disadvantage that both the training menu and the code
editor must be used. In this paper, we present a novel artificial intelligence block that can perform both Al train—
ing and programming in the code editor. While this Al block is presented as a Scratch block, the training process
is performed through a Python server. We describe the blocks in detail through the process of training a model to
classify a blue pen and a red pen, and a model to classify a dental mask and a KF94 mask. Also, we ex-—
perimentally show that our approach is not significantly different from Teachable Machine in terms of
performance.
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(Fig. 7) Example data for classifying dental and

KF94 masks
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