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Abstract 

AI assistant, a software interface designed to interact with a user in a natural way and perform specific tasks 

on the user’s behalf, receives increasing attention from both scholars and practitioners. While most of the 

literatures explain about technical aspects, little is known about the social and psychological factors that 
intimately influence consumers when using it. This study sheds light on the reason people use AI assistant and 

how perceived values influence on intention of continuous usage. A total of 361 AI assistant users participated 

in an online survey, and all were recruited from a major online panel in South Korea. The results from the 
principal component analysis suggest five social and psychological motives: self-expression, quality of life, 

entertainment, information, and compatibility. In addition, perceived values, informativeness, entertainment, and 

trustworthiness, positively predict the intention to use AI assistant. This research provides theoretical 

contributions from finding motivations of AI assistant usage and from the effects of perceived values on the 
intention to use it. Practical implications should not be overlooked in this ever-expanding AI industry. 
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1. INTRODUCTION  

Fourth industrial revolution accelerated the AI assistant market more rapidly expanding worldwide. 

According to a report from Gartner [1], the market for AI assistant products reached USD 2.1 billion by 2020, 

and the global market value of the technology is expected to exceed USD 9 billion by 2023 [2]. AI assistant is 

a software interface designed to interact with a user in a natural manner and perform specific tasks on the 

user’s behalf [3]. Compared to that traditional robots executed a limited range of functions, AI assistant is 

specialized in a broader, more flexible, and more sophisticated service applications [3]. For example, when 

senior citizens need support, AI assistant provides higher quality services by implementing both emotional and 

functional supports on them. It is reported that the Alexa, a type of AI assistant rooted in Amazon, helps older 

adults do different types of activities from setting alarms for a reminder to having them stay connected with 

cherished ones [4]. In doing so, the AI assistant alleviates loneliness [5]. In a sense, AI assistant, which was 

once merely a technological device, is actively adopted by a high volume of users and it is reported that the 

users are integrating their AI assistant deep into their lives [6]. 
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Despite its popularity and observed changes in people’s life patterns, few academic research has been 

conducted to explore what drives people to use the device and even interact with it. In line with the broad 

question, this research is designed to answer the questions in two folds. As a first fold, the current research 

aims to identify psychological and social motivations of using AI assistant. Before AI assistant, other types of 

media technologies have previously been investigated to understand its popularity over time. For instance, 

there has been attempts by scholars to explore and investigate motivational factors for adopting Internet when 

the service began to get popularized, especially focusing on its aspect efficiently connecting people [7]. The 

main motivational factors discovered were interpersonal utility, pastime, information seeking, convenience, 

and entertainment. As technology kept advanced, social media gained power and introduced people to the next 

phase of getting connected and interactive with others. Major motivations for using social media were self-

presentation, social interaction, information seeking, archiving, entertainment, pass time, communicatory 

utility, and so on [8-11]. Even more recently, four major motivations for avatar creation in virtual worlds 

(virtual exploration, social navigation, contextual adaptation, and identity representation) and for Chatbot 

(productivity, entertainment, social/relational purpose, novelty/curiosity) were investigated in order to tackle 

different motivations for different media technologies [12]. 

In artificial agent research, of course, a few research have been conducted to understand what drives people 

even actively engage with AI, but they tend to be too fragmentary and inconsistent to fully address the curiosity. 

First limitation lies in the inconsistent terminologies indicating the AI assistant (e.g., digital assistant, 

intelligent personal assistant), thereby resulting in difficulties to fully understand how and why users are 

actively engage with it. Moreover, a few attitudinal factors have been examined respectively which resulted in 

obstacles to evaluate it as a whole. For instance, one of the studies targeted senior users to investigate which 

supports the ‘intelligent personal assistant’ provides. As a result, AI assistant provided both functional and 

emotional supports. They performed weather forecasting, note-taking, or text message writing on behalf of 

senior citizens and aided them to strengthen their social activities [13-15]. Another article recently published 

identified the positive influence of usefulness and enjoyment on engaging with AI assistant [16]. However, it 

is still void in the literature on why and how people are enthralled by interacting with human-like AI assistant 

and finds fundamental and significant gaps to identify thoughts in their mind [3]. Thus, this study aims to 

discover the underlying psychological and social motivations for using an AI assistant. 

As a second fold, the present research aims to focus on the comprehensive factors that affect overall values 

users perceive in order to predict actual usage of AI assistant. The perceived value, which is the net effect of 

gains and losses, has a strong influence on both satisfaction and post-purchase behaviors [17-20]. In order to 

form an overall value on AI assistant, potential sub-values need to be identified. In using IoT technologies, 

enjoyment value and trust played as significant determinants of behavioral intention [21]. Trust value was also 

emphasized as a meaningful value in communication with virtual agent [22]. In addition, multiple studies 

identified informativeness and playfulness/enjoyment values in common to predict attitudes and intentions to 

use innovative media technologies [23-24]. Considering that AI assistant plays as an information sources by 

providing functional support, informativeness can be potential factor that consists of the overall value. The 

users are experiencing fun because the interaction is totally based on voice-mediated communication inducing 

them enjoyments [24]. Lastly, AI assistants contain a large number of and highly private information, so the 

users highly seeks security and safety. Based on the previous literature reviewed above, three major values, 

which are informativeness, entertainment, and trustworthiness, are expected for the users to perceive when 

they use AI assistants. 

Therefore, the current study aims to 1) identify psychological and social motives of using AI assistant, and 

2) empirically verify the effect of perceived values (informativeness, entertainment, and trustworthiness) on 
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the intention to use an AI assistant. 

 

2. THEORY, RESEARCH QUESTION, HYPOTHESES 

2.1  Motivations for Using AI Assistant: Uses and Gratifications Theory 

 

Media uses, in general, are directed by the needs of individuals that they seek to gratify [25-26]. Exploring 

the gratifications that individuals seek from media helps better understand reasons for their recurring use of 

the media as well as prediction of media selection [27]. Based on Uses and Gratifications (U&G) theory, 

individuals have psychological needs that motivate the use of particular media among competitors to gratify 

their needs [28-29]. Thus, the fundamental assumption of U&G theory lies on that individuals are actively 

involved in seeking out media that fulfill their needs and lead them to gratifications [8, 30]. 

U&G theory was initially developed to identify motivations of traditional forms of mass media such as TV 

or radio, but later was extended to explain usages of other forms of media such as e-mail, online shopping 

websites, smartphones, and social media [7, 29, 31-40]. For instance, researchers found that SNSs meet the 

needs of belonging, hedonism, self-esteem, and reciprocity [36]. Scholars also identified four needs that can 

be gratified by generating own contents through social media: social and affection needs, venting negative 

feeling, recognition needs, and cognitive needs [38]. 

By this firm basis of U&G theory in communication literatures, its theoretical framework provides solid 

foundation and relevance with research on AI assistant as a newly evolving medium. Previous research has 

consistently demonstrated relationship building, convenience, information seeking, entertainment, and 

affection as motives for using new technologies of communication [8, 37-39]. While AI assistant shares some 

characteristics, it clearly holds a different positioning for some other aspects. First, AI assistant is based on 

artificial intelligence technology. AI assistant learns and proactively customizes its services without users’ 

instant inputs. Advanced technologies of information and telecommunication prop up its range of the service 

by accessing big data sources or automated smart home control [41]. Second, AI assistant utilizes voice 

recognition and provides a direct communication with natural languages. It does not only enhance users’ 

convenience to access and task-efficiency but also develop interactivity with the medium itself [43]. 

Considering those distinctions from the existing media, underlying motivations of using AI assistant will be 

distinctive, and thus identifying motives for using AI assistant is timely and relevant. Hence, the present study 

poses the following research question: 

RQ1. What are the underlying psychological and social motives for using AI assistant? 

 

2.2  Intention to Use AI assistant and its Perceived Value 

 

Intention to use, in general, is derived from behavioral intention, which is defined as “the strength of one’s 

intention to perform a specified behavior [42].” Consumers are motivated to adopt products or services by their 

intention to use [43]. Perceived value has been discussed to be a core predictor of intention to use in the field 

of information technology. Research examined the perception of overall value on hedonic digital artifacts 

positively predicts intention to use, and it is also explored that the impact of online blog on the continuance 

intention to use it [44-45]. Another research diversified the value of using location-based mobile services (i.e., 

conditional, monetary, and convenience value) and demonstrated its prediction of behavioral intention to use 

the services [46]. Recently, the association of perceived value with intention to use was also investigated in 

the adopting innovative media technologies [43, 47-48]. Considering that AI assistant has its original values 

that drive people to engage in, it is thus necessary to explore the effect of perceived value in order to predict 

the users’ intention to use for better understanding of users’ actual usage of AI assistant. The hypothesis can 
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be set forth: 

H1: The perceived value is positively related to intention to use. 

 

2.3  Perceived Value for Using AI Assistant 

 

Perceived value, refers to a subjective evaluation on adopting products or services, has been investigated to 

address the relationships between the characteristics of products or services and intentions of the consumers 

to consume [49]. The value perception is generated from a tradeoff between potential benefits and losses out 

of obtaining a product or a service [17]. A number of researches has categorized perceived value into several 

dimensions in order to explain the intention and actual use of new media technologies. 

Informativeness is defined as using media to seek out information or to self-educate [8]. Informativeness is 

regarded as a functional value, which is the utility derived from the quality and expected performance, in value 

perception research [50]. It has been highly investigated and most of the results consistently point out that 

information seeking is one of the major benefits the users could earn from using communication technologies 

[51-54]. At initial stage of social media research, the benefit of accessing the media platforms had centered on 

social value as it connects with friends and family. Facebook, for example, first initiated for college students 

to stay in touch with each other and maintain the social ties [55]. In the present, however, the nature of social 

media has evolved that the users do not only maintain social relationships but accommodate diversified 

functions such as archiving and documenting their life events, personal images, and personal information [9, 

55]. Among the diversified values, knowledge gathering is one of the emphasized ones for using SNS [55]. 

Considering that AI assistant strongly serves as an information searching tool, the hypothesis can be set forth: 

H2: Informativeness of AI assistant is positively related to the perceived value. 

Entertainment refers to the degree of positive and playful state of emotion when using a product or a service 

[50]. The utility derived from the feelings or affective states that products engender has been revealed to 

constitute the dimensions of value perception [50]. In previous research, enjoyment has been considered as an 

intrinsic value for adopting information technologies [56-57]. Researchers identified entertainment as one of 

the most significant predictors of internet, and another research reported that entertainment is a core value in 

social media across four types of different platforms: Facebook, Twitter Instagram, and Snapchat [55, 58]. 

Scholars also demonstrated that enjoyment and pleasure obtained from interacting with in-home voice assistant 

relate to hedonic values the users can have [59]. Similarly, consumers’ perceived enjoyment significantly 

predicted in adoption of mobile internet and media tablets [44, 56]. As a key value for interactive 

communicating tools, the hypothesis can be set forth: 

H3: Entertainment value of AI assistant is positively related to the perceived value. 

Trustworthiness is defined as the degree the users can trust the media services. It is regarded as a central 

anteceding factor of technology acceptance and use from the literature [60-63]. Trustworthiness also plays a 

crucial role in lessoning perceived uncertainty and risks, which might occur when using the services [64]. 

Trustworthiness is reported not only to affect uses of new technologies that operate users’ personal information 

such as IoT technologies, but influence on perceived value of both online and offline banking [21, 65]. 

Researchers examined that the judgements of trust toward service providers will influence on the value by 

reducing uncertainty and forming reliable expectations [66]. Above all, developing a sense of trust is critical 

for building an interpersonal relationship [67]. Considering that users began building close relationship with 

AI assistant, trustworthiness should be crucial for the relationships. In line with human-robot research, 

trustworthiness has been proved to have positive influence on the usage and interactivity with a robot. It is also 

revealed that the effectiveness is not limited, but expected to expand such as robots in industry, medical, 

military, service, entertainment, and therapy [68]. Based on the previous research that trustworthiness is crucial 
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for direct interactions between human users and the humanized agents, the hypothesis can be set forth: 

H4: Trustworthiness of AI assistant is positively related to the perceived value. 

 

3. METHODS 

3.1  Participants 

 

The respondents in an online survey, conducted over two weeks, were recruited from an online panel in 

South Korea. 359 out of the 361 were actual AI assistant users, so they participated in the study and were 

analyzed. The final sample included 180 females and 179 males, and their age ranged from 20 to 59, with an 

average of 39.23. The participants indicated that they have used an AI assistant, on average, for 8.1 months 

(SD= 9.43), and actual use ranged from 1 to 48 months. Table 1 shows the basic characteristics of the sample.  

Table 1. Sample characteristics (n = 359) 

Sample Profile Mean (min – max) 

     Age 39.23 years old (20 – 59, SD = 10.98) 

     Gender   

          Male  49.9% 

          Female  50.1% 

VPA Usage Mean (min – max, SD)  

     Number of VPA currently in use  1.3 (1 – 4, SD = 0.58)  

Usage period   8.1 months (1 – 70, SD = 9.43) 

Daily usage 3.71 (1;Barely – 7;Frequently, SD = 1.38) 

Name of VPA currently in use Frequency (n) Percentage (%) 

Apple Siri 127 35.4 

Samsung Bixby 125 34.8 

SKT Nugu(including mini) 72 20.1 

KT Giga Genie 68 18.9 

Google Home 59 16.4 

Kakao Mini (smart speaker) 47 13.1 

Naver Clover (including mini) 40 11.1 

Smart home appliances 15 4.2 

Amazon Alexa 11 3.1 

Apple Homepod 9 2.5 

Amazon Echo 7 1.9 

Naver Wave 6 1.7 

Etc. 2 0.6 

 

3.2  Measures 

 

Scale items for measuring the motivation for using AI assistant were constructed in a series of steps. First, 

items from the related literatures on the Internet of Things were explored [21, 69]. Because of the large number 
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of items, it was deemed appropriate to obtain a more manageable and relevant scale applicable to an AI 

assistant. Thus, items that were similar to each other were either eliminated or revised for this study. Next, an 

independent group of active AI assistant users (n=30; 15 females) were asked to eliminate items they regarded 

as irrelevant to the context of AI assistant. Finally, they were asked to list additional reasons for using an AI 

assistant. Consequently, a total of 26 unique statements about motivations for using AI assistant were 

developed. Respondents were asked to indicate how much they agreed or disagreed with each item on a seven-

point Likert-type scale (responses ranged from “1 = strongly disagree” to “7 = “strongly agree”).  

AI assistant usage was operationalized by asking respondents to examine how often they used it per day, 

and how long they have been using it. Further, respondents were also asked about the primary activities they 

performed through an AI assistant. 

The perceived value of an AI assistant was measured from the respondents’ rating for the items’ descriptions 

on a seven-point Likert-type scale [70]. Perceived informativeness was measured by three items (i.e., The AI 

assistant I use provides the appropriate information). Cronbach’s alpha was .92. Next, perceived entertainment 

was measured by four items (i.e., The AI assistant I use provides me pleasure). Cronbach’s alpha was .94. 

Perceived trustworthiness was measured by two items (i.e., The AI assistant I use is trustworthiness). 

Cronbach’s alpha was .95. Finally, intention to use an AI assistant in the future was measured by three seven-

point semantic differential scales (i.e., likely/unlikely) [9]. Cronbach’s alpha was .93. 

 

4. RESULTS 

4.1  Principal Component Analysis (PCA) 

 

To answer the research question, a principal component analysis (PCA), with varimax rotation, was 

performed to determine the underlying motives for using an AI assistant. The PCA was conducted under the 

following criteria: eigenvalue (>1.0); variance explained by each component; loading score for each factor 

(≥│0.50│); and meaningfulness of each dimension. Eight items that had high loadings on more than two 

components were eliminated, and another item that did not fit any dimension was also excluded. Finally, PCA 

was rerun with the 18 items. Table 2 shows that a meaningful and interpretable five-component solution was 

obtained; the five components explained 77.80% of the total variance. 

Table 2. Motivations for using VPA (n = 359) 

 1 2 3 4 5 

Self-expression (α = 0.94)      

For it serves me nicely 0.90 0.10 0.10 0.19 -0.02 

For it consoles me 0.89 0.06 0.04 0.16 -0.03 

For it sympathizes me 0.87 0.14 0.13 0.24 0.03 

For it expresses myself as an early adopter 0.84 0.16 0.15 0.04 0.17 

For it expresses myself 0.84 0.19 0.15 0.17 0.15 

Quality of life (Usefulness) (α = 0.91)      

For it increases my quality of life 0.17 0.78 0.29 0.27 0.16 

For it provides satisfaction of living 0.28 0.77 0.26 0.26 0.14 

For it enables me a multi-tasking 0.15 0.76 0.20 0.08 0.30 

For it helps me in life 0.08 0.76 0.29 0.19 0.29 
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Information (α = 0.84)      

For it provides information 0.08 0.31 0.79 0.19 0.23 

For it provides information of my need at an appropriate time 0.08 0.29 0.78 0.15 0.24 

For it manages tasks efficiently 0.12 0.31 0.72 0.09 0.09 

Entertainment (α = 0.82)      

For it is fun 0.23 0.23 0.13 0.83 0.14 

For it meets my entertaining needs 0.27 0.13 0.12 0.78 0.12 

For it stimulates my curiosity 0.14 0.24 0.17 0.63 0.27 

Applied function (α = 0.82)      

For it is an attached function of products I purchased 0.00 0.15 0.06 0.21 0.81 

For it enables device-to-device connections 0.21 0.29 0.28 0.05 0.72 

For it attaches to other major functions (speaker, set-top, etc.) 0.00 0.28 0.26 0.21 0.69 

Eigenvalue 4.2 3.0 2.3 2.2 2.1 

% of Variance 23.7 16.8 13.0 12.2 12.1 

Cumulative % 23.7 40.5 53.5 65.7 77.8 

Note. Loadings that were 0.50 or larger are in boldface. 

 

The first component, labeled “self-expression”, accounted for 23.77% of the variance after rotation, and its 

five items formed a reliable scale, as assessed by Cronbach’s alpha (α = 0.94). The second component, “quality 

of life,” consisted of four items, and accounted for 16.77% of the variance (α = 0.91). The third component, 

“information,” explained 12.99% of the variance, and the scale with three items was found to be reliable (α = 

0.84). The fourth component, “entertainment,” included three items (α = 0.82) and explained 12.20% of the 

variance. Finally, the fifth component, “applied function (compatibility),” with three items, accounted for 

12.20% of the variance (α = 0.82). Given the acceptable reliability values, the five motivation indices were 

created by taking the average of their constituent items for the following analyses. See Table 3 for full factor 

loadings and the variance explained by them.  

Table 3. Partial correlations among the motives 

 1 2 3 4 5 M(SD) 

1. Self-expression 1.00     3.57(1.32) 

2. Quality of life (Usefulness) 0.41** 1.00    4.78(1.10) 

3. Information 0.39** 0.68** 1.00   4.57(1.07) 

4. Entertainment 0.51** 0.56** 0.47** 1.00  4.44(1.15) 

5. Applied functions 0.25** 0.61** 0.55** 0.48** 1.00 4.76(1.05) 

Notes: Control variables: age, gender. M, mean, SD, standard deviation.  

**p < 0.001 

 

To investigate the proposed hypotheses, the present research conducted both confirmative factor analysis 
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(CFA) and structural equation modeling (SEM). The measurement model was first analyzed in order to verify 

the reliability and validity, and structural model analysis was followed. The current research employed 

software package AMOS 18 to conduct a series of analyses. 

 

4.2  Measurement Model Analysis 

 

Before structural model analysis, the reliability and validity of the measurement model were verified. The 

measured model revealed a good fit: χ2/df=3.033; p < 0.001; CFI=0.975; TLI=0.967; RMSEA=0.075. Both 

CFI and TLI were more than 0.9, and RMSEA was less than 0.08, which meet recommended fit indices [71-

72]. For each construct, Cronbach’s alpha was more than 0.7, confirming internal reliability [73]. The 

convergent validity can be verified by factor loadings, composite reliability (CR), and average variance 

extracted (AVE) of all construct. In the result of CFA, all factor loadings exceeded the minimum criteria of 

0.6, confirming convergent validity [74]. CR and AVE of each construct was more than 0.7 and 0.5 

respectively, confirming its convergent validity [72-73]. The discriminant validity of the present measurement 

was also considered satisfactory by the all correlations between constructs being smaller than the square root 

of the AVE [75]. As shown in Table 4, internal reliability and convergent validity of the current model were 

verified. Table 5 is followed to show a satisfactory discriminant validity of the measurement. 

Table 4. Correlations among variables (Root square of average variance extracted) 

 
Informativeness Entertainment Trustworthiness 

Perceived 

Value 
Intention to use 

Informativeness (0.91)     

Entertainment 0.740** (0.90)    

Trustworthiness 0.706** 0.732** (0.95)   

Perceived Value 0.839** 0.768** 0.767** (0.89)  

Intention to use 0.777** 0.726** 0.707** 0.794** (0.92) 

M 4.67 4.52 4.34 4.48 4.50 

SD 1.14 1.20 1.25 1.11 1.18 

**p < 0.01 

Table 5. Measurement model fit indices 

Latent 

Variable(s) 

Measured 

Variable(s) 

Estimate 

S.E. 

C.R. 

(Critical 

Ratio) 

AVE 

C.R. 

(Construct 

Reliability) 

Cronbach’s 

alpha B β 

Informativeness 

Info1 1 0.932   

0.835 0.938 0.919 Info2 1.013 0.932 0.031 32.328*** 

Info3 0.938 0.876 0.035 26.918*** 

Entertainment 

Ent4 1 0.915   

0.808 0.944 0.944 
Ent3 0.931 0.881 0.036 26.162*** 

Ent2 1.044 0.918 0.036 29.178*** 

Ent1 0.988 0.881 0.038 26.129*** 

Trustworthiness 
Trust2 1 0.961   

0.900 0.947 0.950 
Trust1 1.005 0.936 0.030 33.358*** 
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Perceived value 

Value1 1 0.834   

0.794 0.920 0.919 Value2 1.178 0.929 0.050 23.527*** 

Value3 1.114 0.908 0.049 22.635*** 

Intention to use 

Intent1 1 0.891   

0.844 0.942 0.930 Intent2 1.072 0.925 0.039 27.569*** 

Intent3 1.106 0.939 0.039 28.581*** 

***p < 0.001 

 

4.3  Structural Model Analysis 

 

The detailed indices of the structural model analysis are shown in Table 6 and 7. For testing the fit of the 

proposed model, the present research employed comparative fit index (CFI), Tucker-Lewis-Index (TLI), 

Goodness-of-Fit-Index (GFI), and the root mean square error of approximation (RMSEA). The values of CFI, 

TLI, GFI in present research were all more than 0.9, determined as good fit indices of the model [71]. RMSEA 

also did not exceed 0.8, indicating an acceptable model fit [71]. 

Table 6. Structural model fit indices 

Model χ2 df RMR GFI NFI TLI CFI RMSEA 

Structural 

model 
261.475*** 83 0.044 0.915 0.960 0.965 0.972 0.078 

***p < 0.001 

Table 7. Structural model path analyses 

Path 
Estimate 

S.E. C.R. 
B β 

Informativeness→Perceived value 0.480*** 0.556 0.043 11.118 

Entertainment→Perceived value 0.158*** 0.193 0.040 3.964 

Trustworthiness→Perceived value 0.216*** 0.271 0.037 5.871 

Perceived value→Intention to use 0.961*** 0.865 0.054 17.759 

***p < 0.001 

 

The perceived value of using AI assistant had a significant influence on intention to use (β = 0.865, Critical 

Ratio = 17.759, p < 0.001), supporting H1. In addition, three factors informativeness (β = .556, C.R. = 11.118, 

p < 0.001), entertainment (β = 0.193, C.R. = 3.964, p < 0.001), and trustworthiness (β = 0.271, C.R. = 5.871, 

p < 0.001) had positive impacts on the perceived value, thereby supporting H2, H3, and H4 respectively. 

 

5. CONCLUSION 

By surveying a sample of 359 active AI assistant users in South Korea, this study sheds light on user’s 

characteristics and perceived values for engaging with an AI assistant. The present study revealed what drives 

people to engage with AI assistant and how intention to use AI assistant is predicted by perceived value with 

three sub-factors. The findings of the study determined that AI assistant users have five primary social and 

psychological motives: self-expression, quality of life, information, entertainment, and compatibility (applied 
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function). In addition, informativeness, entertainment, and trustworthiness showed positive influence on the 

perception of overall value for using AI assistant, and the perceived value positively predicted the intention to 

use AI assistant. 

The present findings reveal that self-expression is a strong factor for the users to engage with an AI assistant 

and it was reported that the users are motivated to interact with the device to express themselves. The finding 

is more promising that the AI assistant was not responsive as much as the users can freely conversate with. 

Current AI assistant is defined as a soft agent that simply helps in performing tasks and serving users [3]. 

However, users were not only able to take advantage of functional utilities of AI assistant, but also able to even 

receive social support from the simple responses of sympathy expressed by an AI assistant. This result is 

consistent with the finding that the smart device users utilize the product to reflect their identities and express 

their uniqueness [76]. Given that previous research mainly focused on technical functions in terms of values 

of AI assistant, this research emphasizes that self-expression and identification also play major roles for driving 

people to use. 

Quality of life and information are the other primary motivations. That is, AI assistant users are motivated 

to increase their quality of life and search for information they require at any given moment by using an AI 

assistant. In line with that, the need for using AI assistant is increasing worldwide as consumers are able to get 

benefited from it by improving their lifestyles [77]. For instance, it can be useful by letting you do more multi-

tasking in everyday life by saving time and raising efficiency; thus, one can work while the AI assistant drives 

safely [78]. Residents of a smart home, controlled by an AI assistant, will also reduce energy consuming for 

making up and securing their houses [79]. 

In addition, the results on the entertainment motive demonstrate the need of users to get entertained. The 

users had a level of curiosity from engaging with an intelligent non-human entity satisfy their curiosity, and 

the AI assistant was able to solve the curiosity somehow for interacting with artificial intelligent. It supports 

the previous finding that an AI assistant’s voice-based interactions with the user provides enjoyment [80]. And 

the results are also aligned with the literatures that the entertainment value is a major drive for using new 

technologies and devices [24, 80]. 

Compatibility (applied function) motive shows that the users are utilizing an AI assistant because it is applied 

to the other products that they mainly used. For instance, the results ‘inform us that several users have been 

using Siri (AI assistant) when none of the users reported that they purchased iPhone because it has Siri (AI 

assistant). Likewise, AI assistant technology are widely applied to different types of platforms, such as built-

in mobile operating systems (e.g., Apple Siri and Samsung Galaxy Bixby), smart speakers (e.g., Amazon Echo 

and Google Home), or smart home technologies (e.g., LG ThinQ). And the consumers end up using the AI 

assistant in the process of using other devices or platforms which come along with AI assistant. In collaboration 

with an AI assistant, the current devices and technologies can also provide integrated services and utilities, and 

thereby offering more convenience.  

The current findings contribute to the psychological understanding of AI assistant users by exploring what 

motivates people to use the product and by demonstrating the values for potential use. Previous research has 

identified a wide range of factors influencing on adopting the products or services [44, 80]. In context of AI-

based products, however, it is not clearly identified to explain basic questions of why the increasing amount 

of people are getting engaged in AI-based agents and which values the users are recognizing in building deeper 

relationships with an AI assistant. This research provides better understandings that users recognize 

entertainment as a significant value when communicating with a humanized voice [24, 80]. The finding also 

broadens our knowledge of AI device acceptance that informativeness and trustworthiness serve as factors 

predicting the value perception of AI assistant. Consequently, the findings emphasizing the importance of the 
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overall values to increase intentions and actual behaviors of engaging in human-AI interactions. 

In the meantime, this study also provides practical implications for both marketers and engineers who are 

seeking the ways to reinforce the bonds between consumers and the AI assistant. Particularly, AI assistant’s 

informativeness turns out to be the most important factor for value perception, and trustworthiness and 

entertainment were followed. This indicates that the users could form more solid relationship with AI assistant 

not only by developing the AI assistant as a better information source but also by emphasizing the value of AI 

assistant as a convenient information provider to the consumers. At the same time, the users will perceive more 

value by having more experiences of the venues that the consumers may build more bondage with AI assistant. 

In addition, it is expected to include newer entertaining experiences that the users may have in the process of 

engaging with AI assistant because the threshold for entertainment perception will increase as the uses keep 

actively using it.  

Last but not least, the present research also points out that the scholars and practitioners should not overlook 

that the users are not only appealed by technical aspects (e.g.., quality of life, information, and compatibility) 

when using an AI assistant, but also appreciated by its emotional aspects (e.g., self-identification and 

entertainment). Based on this implication, this study provides a preliminary foundation that the AI-based 

virtual personal assistant needs to be differentiated from other communication technologies by integrating the 

possibilities that the users may develop deeper relationships with the AI agent with emotional supports. Future 

research is, therefore, necessary to explore the factors that help building emotional bondage in order to have 

wider implications such as in clinical therapies for aiding those who are not proficient in interpersonal 

communication. This research is ultimately expected to contribute to the initial background knowledge in both 

academia and practices about those who are actively using AI assistant and their specific motives and needs of 

consuming the innovative technology. 
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