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Predicting where and when a crime may occur in an area of interest is one of many strategies of predictive

policing. Multidimensional analysis, including CCTV, can overcome the limitations of hotspot prediction,

especially of violent crimes. In order to identify the precursors of a crime, it is necessary to analyze dynamic

data such as attributes and activities of people, social information, environmental information, traffic flows,

and weather. These parameters can be recognized by CCTV. In addition, it provides accurate analysis of the

circumstances of a crime in a dynamic situation, calculates the risk, and predicts the probability of a crime

occurring in the near future. Additionally, it provides ways to gather historical criminal datasets, including

sensitive personal information.
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CCTV Closed—Circuit Television

CLUE Crime Layout Understanding Engine

DL Deep Learning

DR Disentangled Representation Learning

ETAS Epidemic—Type Aftershock Sequence

FBI Federal Bureau of Investigation

GAN Generative Adversarial Network

GIS Geographic Information System

GPS Global Positioning System

GT Ground Truth

KICS Korea Information System of
Criminal justice services

mAP mean Average Precision

NDAS National Data Analytics Solution

NIMBY Not In My Backyard

NPA National Police Agency

Re—ID Re—identification

SPI SMART Policing Initiative

UCR Uniform Crime Report
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