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Abstract DNN error is small compared to the conventional speech recognition system, DNN is
difficult to parallel training, often the amount of calculations, and requires a large amount of data
obtained. In this paper, we generate a phoneme unit to estimate the GMM parameters with each
phoneme model parameters from the GMM to solve the problem efficiently. And it suggests ways
to improve performance through clustering for a specific vocabulary to effectively apply them. To
this end, using three types of word speech database was to have a DB build vocabulary model, the
noise processing to extract feature with Warner filters were used in the speech recognition
experiments. Results using the proposed method showed a 97.9% recognition rate in speech
recognition. In this paper, additional studies are needed to improve the problems of improved over
fitting.
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2.2. GMM
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Table 1. Non-Noise Environment Recognition Rate

Recognition Rate (%)
Speech
i Proposed
Euclidean MLE Mothod
95.2 96.8 97.1
Speech
Dependent 94.7 97.1 97.3
95.6 98.1 098.3
95.6 97.3 0983
Speech
Independent 95.1 96.9 97.6
95.8 97.3 97.7
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Table 2. Noise Environment Recognition Rate

Recognition Rate (%)
Speech
i Proposed
Euclidean MLE Mothod
82.5 85.1 85.7
Speech
Dependent 81.4 833 84.9
82.1 85.2 85.3
80.8 82.5 83.9
Speech
Independent 81.1 83.2 83.7
80.1 83.9 85.1
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