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Generating GAN-based Virtual data to Prevent the Spread of Highly
Pathogenic Avian Influenza(HPAI)
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Abstract

This study was conducted with the support of the Information and Communication Technology Promotion Center, funded
by the government (Ministry of Science and ICT) in 2019. Highly pathogenic avian influenza (HPAI) is an acute infectious
disease of birds caused by highly pathogenic avian influenza virus infection, causing serious damage to poultry such
as chickens and ducks. High pathogenic avian influenza (HPAI) is caused by focusing on winter rather than year-round,
and sometimes does not occur at all during a certain period of time. Due to these characteristics of HPAI, there is
a problem that does not accumulate enough actual data. In this paper study, GAN network was utilized to generate
actual similar data containing missing values and the process is introduced. The results of this study can be used to
measure risk by generating realistic simulation data for certain times when HPAI did not occur.
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