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Abstract

A Study on Analysis of consumer perception of YouTube advertising using text mining

Fum, Seong-Won"

This study is a study that analyzes consumer perception by utilizing text mining, which is a recent
issue. we analyzed the consumer’s perception of Samsung Galaxy by analyzing consumer reviews of
Samsung Galaxy YouTube ads. for analysis, 1,819 consumer reviews of YouTube ads were extracted.
through this data pre-processing, keywords for advertisements were classified and extracted into nouns,
adjectives, and adverbs. after that, frequency analysis and emotional analysis were performed. Finally,
clustering was performed through CONCOR. the summary of this study is as follows. the first most
frequently mentioned words were Galaxy Note (n = 217), Good (n = 135), Pen (n = 40), and Function (n =
29). it can be judged through the advertisement that consumers "Galaxy Note”, "Good’, "Pen”, and
"Features” have good functional aspects for Samsung mobile phone products and positively recognize the
Note Pen. in addition, the recognition of “Samsung Pay”, “Innovation”, “Design”, and “iPhone” shows that
Samsung’s mobile phone is highly regarded for its innovative design and functional aspects of Samsung
Pay. second, it is the result of sentiment analysis on YouTube advertising. As a result of emotional
analysis, the ratio of emotional intensity was positive (75.95%) and higher than negative (24.05%). this
means that consumers are positively aware of Samsung Galaxy mobile phones. As a result of the
emotional keyword analysis, positive keywords were “good”, “good”, “innovative”, “highest”, “fast”, “pretty”,
etc., negative keywords were “frightening”, "I want to cry”, "discomfort”, "sorry”, "no”, etc. were extracted.
the implication of this study is that most of the studies by quantitative analysis methods were considered
when looking at the consumer perception study of existing advertisements. In this study, we deviated from
quantitative research methods for advertising and attempted to analyze consumer perception through
qualitative research. this is expected to have a great influence on future research, and I am sure that it

will be a starting point for consumer awareness research through qualitative research.

Key Words: Text Mining, YouTube Advertising, Opinion Mining, Consumer Awareness, In-stream
Advertising
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