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[Abstract]

In this paper, we propose a model that performs more natural facial attribute editing by utilizing mask
information in the hair and hat region. STGAN, one of state-of-the-art research of facial attribute editing,
has shown results of naturally editing multiple facial attributes. However, editing hair-related attributes can
produce unnatural results. The key idea of the proposed method is to additionally utilize information on the
face regions that was lacking in the existing model. To do this, we apply three ideas. First, hair
information is supplemented by adding hair ratio attributes through masks. Second, unnecessary changes in
the image are suppressed by adding cycle consistency loss. Third, a hat segmentation network is added to
prevent hat region distortion. Through qualitative evaluation, the effectiveness of the proposed method is
evaluated and analyzed. The method proposed in the experimental results generated hair and face regions

more naturally and successfully prevented the distortion of the hat region.
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I. Introduction
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II. Related Works

1. GANs
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3. Facial attribute editing
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III. The Proposed Scheme

1. Goal and approach
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4. Objective function
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IV. Experimental Results
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2. Evaluation of experiments
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Fig. 3. Experimental results of face images without hat. It shows that the proposed method can achieve clearer and

more natural results when applying Bald attribute(red square).

‘A’ means adding the hair ratio attributes. ‘C’ means

the addition of cycle consistency loss.
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Fig. 4. Experimental results of a face image with a hat. It shows that when applying the Bald or Blond_Hair
attributes, the hat region can be masked to obtain a more natural result(red square). ‘A’ means adding the hair ratio
attributes. ‘C’ means the addition of cycle consistency loss. ‘M’ means hat masking.
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