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LDA Topic Modeling and Recommendation of Similar
Patent Document Using Word2vec
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Abstract

With the start of the fourth industrial revolution era, technologies of various fields are merged and
new types of technologies and products are being developed. In addition, the importance of the regis-
tration of intellectual property rights and patent registration to gain market dominance of them is in-
creasing in oversea as well as in domestic. Accordingly, the number of patents to be processed per
examiner is increasing every year, so time and cost for prior art research are increasing. Therefore, a
number of researches have been carried out to reduce examination time and cost for patent-pending
technology. This paper proposes a method to calculate the degree of similarity among patent docu-
ments of the same priority claim when a plurality of patent rights priority claims are filed and to pro-
vide them to the examiner and the patent applicant. To this end, we preprocessed the data of the exist-
ing irregular patent documents, used Word2vec to obtain similarity between patent documents, and
then proposed recommendation model that recommends a similar patent document in descending order
of score. This makes it possible to promptly refer to the examination history of patent documents
judged to be similar at the time of examination by the examiner, thereby reducing the burden of work
and enabling efficient search in the applicant’s prior art research. We expect it will contribute greatly.

Keywords: Patent Document, Similar Patent Document, LDA Topic Modeling, Text Mining, Word2vec
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