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Abstract Recently, convolutional neural network (CNN) have been showed outstanding performance in
the field of image recognition, image processing and computer vision, etc. In this paper, we propose a
CNN-based image rotation correction algorithm as a solution to image rotation problem, which is one
of the factors that reduce the recognition rate in image recognition system using CNN. In this paper,
we trained our deep learning model with Leeds Sports Pose dataset to extract the information of the
rotated angle, which is randomly set in specific range. The trained model is evaluated with mean

absolute error (MAE) value over 100 test data images, and it is obtained 4.5951.
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Table 1. Parameters of experiments.

Parameters Value
Mini-batch size 128
Validation frequency 32
Epoch 100

Initial learning rate 0.001
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Fig. 3. Original image(up left), rotated image(up
right), corrected image(down).
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