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Abstract To guarantee Al model’s prominent recognition rate and recognition precision, obtaining the
large number of data is essential. In this paper, we propose transfer learning-based object detection
algorithm for maintaining outstanding performance even when the volume of training data is small. Also,
we proposed a tranfer learning network combining Resnet-50 and YOLO(You Only Look Once) network.
The transfer learning network uses the Leeds Sports Pose dataset to train the network that detects the
person who occupies the largest part of each images. Simulation results yield to detection rate as 84%

and detection precision as 97%.
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Fig. 1. Basic structure of transfer learning shceme.
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Fig. 2. Object detection examples.
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Fig. 3. Object detection results.
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