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Abstract Recently, social network service (SNS) is actively used by public. Among them, Twitter has
a lot of tweets including sentiment and it is convenient to collect data through open Aplication
Programming Interface (API). In this paper, we analyze social issues and suggest the possibility of
using them in marketing through sentimental information of users. In this paper, we collect twitter
text about social issues and classify as positive or negative by sentiment classifier to provide
qualitative analysis. We provide a quantitative analysis by analyzing the correlation between the
number of like and retweet of each tweet. As a result of the qualitative analysis, we suggest
solutions to attract the interest of the public or consumers. As a result of the quantitative analysis,
we conclude that the positive tweet should be brief to attract the users' attention on the Twitter.
As future work, we will continue to analyze various social issues.
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Table 1. Use case of analysis result

Paper Use case
[3, 9] Identify users’ political and social opinions
[4-6, 10] Suggest marketing solutions

[7, 8] Suggest SNS account activation solutions

Analyze social issues and suggest the uses
possibility of marketing

Our paper
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Table 2. Data statistics
Keyword Trump Galaxy Buds
Number of tweet 9,437 4142
Maximum number of words in a 792 73
tweet text
Average number of like 0.27 3.87
Average number of retweet 505.74 6.68
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Fig. 2. Frequent words in negative tweets about
“Trump*

Table 3. Negative tweet samples about "Trump"

Words Sentences

With so many negative polls for Trump you would
think he would try to do things to drive up his
approval rating but all he does is make Americans
hate him more.

Approval

BREAKING: Trump Tweet Leaks ICE Plans for
Break Mass Deportations of 'Millions' of Undocumented
Immigrants Starting Next Week.

All trump can do is tear down programs and kill

Kl plans and ideas.
Trump is homicidal/suicidal. He doesn't care if he
kills billions of humans, insects, animals. In fact,
kil he does not even care if he kills his own

grandchildren. He's committed so many crimes, He
is so deeply into his nazi craziness, that he is
completely insane.

Trump just cut budget for food for 2.4 million poor
Budget Americans. He spends that per week when he
goes to Mar—-a-Lago

Wow. Jeremy Hunt has defended Trump's blatantly

Defend islamophobic attack on Sadig Khan.
Rep. Alexandria Ocasio—-Cortez. ‘I think we have a
Risk very real risk of losing the Presidency to Donald

Trump.
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Table 4. Positive tweet samples about "Trump"

Words Sentences
. Thank you President Trump for keeping all of
Promise : . ;
Thank your promises! It's really unbelievable what you
: have to go threw everyday and still accomplish
Accomplish ; .
everything you said you would!
But it's perfectly fine to make up stuff about
Liberal President Trump. It's liberal billionaires they
love.
Accomplish Trump's Tariffs Accomplished More in Two Days
P Than Congress in 20 Years.
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"Galaxy Buds®

Table 6. Positive tweet samples about "Galaxy
Buds”

Words Sentences

Galaxy Buds, case gigante? Tem ¢ um formato

diferente. Ando com ela no bolso das calgas na

boa. Aceito que a da Apple, pelo formato, seja

mais conveniente para andar no bolso
Behold the most nerdy, awesome piece of
jewelry Il ever own. It was a bday surprise
from Clayton, one of my bestest buds and
favorite humans in the galaxy.

Conveniente

Surprise

Los airpods son muy buenos, pero claro, si
Mucha tienes android pierdes muchas funciones... los
galaxy buds no estan mal dicen

Hoy me he comprado los Galaxy Buds y son

buenisimos, ahora para que sea profit, tengo

Simo que regresar a correr 3 veces por semana y

aumentar masa; me hubiese comprado los
AirPods 2 pero odio Apple
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Table 77 Table 82 “Trump’®?} “Galaxy Buds’
£ 7IYER F59 ES9 7+ Ao Higt Eots
(like) B 714, B EH (retweet) B 7$LE Yerd
Ailo|t}, Table 72 EHZO AHA 4= EH
T xZFEo|Qlo] FESY 7t wie Atte AZ &
4= Qlth 10| Hl5] Table 8& 018 4, ZESQ £7}
40 WQI2 34 gdrh= AZ & 4 U} Table 7%
Table 8914 3828 & & Ql%0], 34 ESZ £of

8 $HY ZES 71 won B4 EQIL ZESY >

Hr} Zolg 47} =t} fESLS 0139 tEA A
AlFE A4S AT AASHs P4 0F o]Fof
e}, webs] AARES 4 ESlof tis) £ot8+=
AT 49 FATES AASHA] f=the Aol
Ao, o] AnE FH A npAFo 2857 A
= FAAQ EQETE 384 ESE AXTR
W B2 AFEEY RAYER AGE 5 IES Sfof

Bk,

Table 7. Average counts of like and retweet about

A1t gl £, Table 904 ESIS] gubal 74
(alphabet)2} E'JEv;l P(retweet)d] ATATE
0.949= 7%t 39 4HHAE 7HHEE ESl9 o]
7t 71017“/\5 5'4571—4 T AojE yehi L, ©of
o] gupdl 7i4(alphabet)e] A
Ad= 0.952 73 ¢ —4 FHHAE 7 BE ©ol9
A7 B Ev’l—f] ]7} A Aojdls UEpdt
S ATASTE 09 A% ofF AUBAE 72A &
= A 9&‘4‘.

‘Galaxy Buds’®} “Trump™= 7|¥ER o= EH
o] YES £9F EQO] dupHl Zi5eete] A= 7t
7+ -0.949, - 0.800°]|t}. &, YES £ EY dol=
A% 29 AHHAE Aeth g2 ARES ESY

R

2oV} BE A3 AU rades deg 5
o] %tk & 4 ik, A1) A2 Bol HAH] 9]
o) E91g 24 7] Brke A3 e BHs
Aol B ARSI B 4 9k Yol wet
23759 ants FYHA 4AL FEte] 4g

L A=
SHA Bt 2 e 2 4 A0 & 5 9

“Trump” Table 9. Correlation analysis result about “Trump’
Like Retweet Like Retweet Alphabet | Word Special
Positive 58 176 Like 10000 | -0.036 | 0.0020 | 0.0213 | -0.051
Negative 2265 487 Retweet -0.004 1.0000 -0.949 -0.906 -0.429
Alphabet 0.0020 -0.949 1.0000 0.9500 0.4958
Word 0.0213 -0.9056 0.9500 1.0000 0.56124
Table 8. Average counts of like and retweet about Special | -0.051 -0429 | 04958 | 05124 | 1.0000

“Galaxy Buds”
Like Retweet
Positive 344 42
Negative 40.4 37.1
Fotg 49 HES o] olW Wit G vA

=A] gol2 Zak= oh&3} 2ot Table 93 Table 10
= “Trump’®t “Galaxy Buds™& 7|9ER k= EH
9] £01Q $(like)2t FEH F(retweet), ERS Lu}
8l 75(alphabet), @0 75 (word), 424t 74
(special)?] ALHAE 4% ATtolt}. WA ESNY
Zotg 49 qu%l o, ESIY gupl 7, ©o] A,
EEAL ASE 0914 1 Aol gog Atslota,
Zt s 71 A TS -1904 1 Aol o g
RASH= FojE ABASTE ARGl ATAE &

Table 10. Correlation analysis result about “Galaxy

Buds”

Like Retweet Alphabet | Word Special
Like 1.0000 | 0.0806 -0.479 -0.299 | -0.061
Retweet | 0.0806 | 1.0000 -0.800 -0.5629 | -0.035
Alphabet | -0.479 | -0.800 1.0000 0.6479 | 0.0504
Word -0.299 | -0.529 0.6479 1.0000 | 0.0865
Special -0.061 | -0.035 0.0504 0.0865 | 1.0000

5. 48

& =2oA= EAEHOIA Alsste 370 A

PIE &
o F2] 9 4l 7]& EopoA o]f77t HAL Sl F
7FA 719 = (Trump, Galaxy buds)E Z3Hst EY
H tlo|HE st A=Y AL ATt
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