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Abstract

One of the most important research topics on intelligent transportation systems in recent years is detecting and
recognizing a license plate. The license plate has a unique identification data on vehicle information. The existing vehicle
traffic control system is based on a stop and uses a loop coil as a method of vehicle entrance/exit recognition. The
method has the disadvantage of causing traffic jams and rising maintenance costs. We propose to exploit differential
image of camera background instead of loop coil as an entrance/exit recognition method of vehicles. After entrance/exit
recognition, we detect the candidate images of license plate using the morphological characteristics. The license plate can
finally be detected using SVM(Support Vector Machine). Letter and numbers of the detected license plate are recognized
using CNN(Convolutional Neural Network). The experimental results show that the proposed algorithm has a higher
recognition rate than the existing license plate recognition algorithm.
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Table 2. License plate recognition algorithms comparison.

B2 HoE oA L2|EE v
Algorithm Accuracy (%)
K-NN(K-Nearest Neighbor) 89.82
Tesseract OCR 92.58
Haar-like feature 94.92
RNN(Recurrent Neural Networks) 96.87
Proposed CNN 97.57
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