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Artificial Intelligence Algorithms, Model-Based Social Data Collection and

Content Exploration
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Abstract

Recently, the crime that utilizes the digital platform is continuously increasing. About 140,000 cases occurred in 2015
and about 150,000 cases occurred in 2016. Therefore, it is considered that there is a limit handling those online crimes
by old-fashioned investigation techniques. Investigators' manual online search and cognitive investigation methods those
are broadly used today are not enough to proactively cope with rapid changing civil crimes. In addition, the characteristics
of the content that is posted to unspecified users of social media makes investigations more difficult. This study suggests
the site-based collection and the Open API among the content web collection methods considering the characteristics
of the online media where the infringement crimes occur. Since illegal content is published and deleted quickly, and
new words and alterations are generated quickly and variously, it is difficult to recognize them quickly by dictionary-based
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morphological analysis registered manually. In order to solve this problem, we propose a tokenizing method in the
existing dictionary-based morphological analysis through WPM (Word Piece Model), which is a data preprocessing
method for quick recognizing and responding to illegal contents posting online infringement crimes. In the analysis
of data, the optimal precision is verified through the Vote-based ensemble method by utilizing a classification learning
model based on supervised learning for the investigation of illegal contents. This study utilizes a sorting algorithm
model centering on illegal multilevel business cases to proactively recognize crimes invading the public economy, and
presents an empirical study to effectively deal with social data collection and content investigation.

B Keyword : Al, Content Investigation, Web Crawlers, Deep Running
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(good’, “est</wx')
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max_num = 15

for i in range(max_num}:
pairs = get_stats(vocab)
fit = max(pairs, key=pairs.get)
vocab = merge_vocab(fit, vocab)

print(fit)
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