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Abstract In this study, we conducted a prediction study to qualitatively identify the continuous
growth rate that causes problems every year for deposit bank mortgage loans, identify the
characteristic factors that could once again stabilize, and come up with measures for future
quantitative analysis of mortgage loans and growth trends. Based on data analysis using the R
program, which is widely used for big data analysis, the parameters of ARIMA model
0.1,1)(0.1,D[12] were found to be most suitable. In these indicators, estimates over the next
five years (60 months) increased 4.5% on average. However, this has limitations that do not
reflect socio-environmental factors, which require further study of these limitations.
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Table 1. Rate of increase in housing mortgage
Status/ | 201| 201| 201| 201| 201| 201| 201| 201| 201
Year 0 1 2 3 4 B 6 7 8

Growth
rate%

741 81| 5 25| 72| 92| 88| 84| 5
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Fig. 1. Trend of Monthly Housing Mortgage
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Fig. 2. Trend of Housing Mortgage
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Table 2. The Basic statistical analysis of trade volume at
housing mortgage

mean 443896| skewness 0.363737

median 418072  kutosis -1.15159

maximum 604488| jaque-bera 8.9898

minimum 311891| P-value 0.0111
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Augmented Dickey—Fuller Test
data: housing mortgage
Dickey—Fuller = —1.242
Lag order = 0, p—value = 0.8812

alternative hypothesis: stationary
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Fig. 4. The result of Augmented Dickey-Fuller(ADF)test
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Dickey—Fuller = —6.7494
Lag order = 0, p—value = 0.01
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Fig. 5. The result of Augmented Dickey-Fuller(ADF)test
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Table 4. predicted mean of housing mortgage over the
next five years

forecast |forecast |forecast |forecast |forecast |forecast
year mean year mean year mean

Jan.19 | 604734 | Jan.20 | 634251 | Jan.21 | 663769
Feb.19 | 606311 | Feb.20 | 635829 | Feb.21 | 665346
Mar.19 | 608718 | Mar.20 | 638236 | Mar.21 | 667754
Apr.19 | 611618 | Apr.20 | 641136 | Apr.21 | 670654
May.19 | 614005 | May.20 | 643523 | May.21 | 673041
Jun.19 | 615857 | Jun.20 | 645375 | Jun.21 | 674892
Jul.19 | 618441 | Jul.20 | 647959 | Jul.21 | 677477
Aug.19 | 621613 | Aug.20 | 651131 | Aug.21 | 680649
Sep.19 | 624015 | Sep.20 | 653532 | Sep.21 | 683050
Oct.19 | 627425 | Oct.20 | 656943 | Oct.21 | 686461
Nov.19 | 630794 | Nov.20 | 660312 | Nov.21 | 689829
Dec.19 | 633893 | Dec.20 | 663411 | Dec.21 | 692928

1

0] Chet o= Bagh (9

forecast forecast forecast forecast
year mean year mean
Jan.22 693287 Jan.23 722805
Feb.22 694864 Feb.23 724382
Mar.22 697272 Mar.23 726790
Apr.22 700171 Apr.23 729689
May.22 702559 May.23 732077
Jun.22 704410 Jun.23 733928
Jul.22 706994 Jul.23 736512
Aug.22 710167 Aug.23 739685
Sep.22 712568 Sep.23 742086
Oct.22 715978 Oct.23 745496
Nov.22 719347 Nov.23 748865
Dec.22 722446 Dec.23 751964
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Fig. 9. Forecasting the Future of Housing Mortgage
Loans for the Next Five Years
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