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Conventional crack detection methods have a problem of consuming a lot of labor,

time and cost. To solve these problems, an automatic detection system is needed to detect cracks
in images obtained by using vehicles or UAVs(unmanned aerial vehicles). In this paper, we have
studied road crack detection with unmanned aerial photographs. Aerial images are generated
through preprocessing and labeling to generate morphological information data sets of cracks. The

generated data set was applied to the mask R-

CNN model to obtain a new model in which

various crack information was learned. Experimental results show that the cracks in the proposed

aerial image were detected with an accuracy of
certain type of crack region.

735% and some of them were predicted in a
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Fig. 5 Detection of crack on the roads
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Table 1 Accuracy of crack on the roads

Problems accuracy (%)
Playground surface 7.7
Parking lot surface 70.1
Road surface 72.6
Average 73.5
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