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A Study on the Preemptive Measure for
Fake News Eradication Using Data Mining Algorithms
Focused on the M Online Community Postings®

Munyeong Lim** - Sungbum Park***

m Abstract =

Fake news threaten democratic elections and causes social conflicts, resulting in major damage. However, the
concept of fake news is hard to define, as there is a saying, "News is not fake, fake is not news.” Fake news, however,
has irreversible characteristics that can not be recovered or reversed completely through post-punishment of economic
and political benefits. It is also rapidly spreading in the early days. Therefore, it is very important to preemptively
detect these types of articles and prevent their blind proliferation. The existing countermeasures are focused on
reporting fake news, raising the level of punishment, and the media & academia to determine the authenticity of the
news. Researchers are also trying to determine the authenticity by analyzing its contents. Apart from the contents
of fake news, determining the behavioral characteristics of the promoters and its qualities can help identify the
possibility of having fake news in advance. The online community has a fake news interception and response tradition
through its long-standing community-based activities. As a result, | attempted to model the fake news by analyzing
the affirmation-denial analysis and posting behavior by securing the web board crawl of the ‘M community’ bulletin
board during the 2017 Korean presidential election period. Random forest algorithm deemed significant. The results
of this research will help counteract fake news and focus on preemptive blocking through behavioral analysis rather
than post-judgment after semantic analysis.

Keyword : Fake News Preempive Measure, Misinformation, Online Community

Submitted : October 31, 2018 1®" Revision : January 30, 2019 Accepted : March 18, 2019
B EEE 9EYY RS 1*7303@@@%) EES A FYske A4 AYS Py
2 A7e AU EAREAE 2 ARSI gFSICTATAEAAEY ATFAR2E TP A
(IITP-2019-2018-08-01417).
s AU 71ER P A st uha
o SATE 714G ARUS 0E, wAAR

19



220 Munyeong Lim - Sungbum Park

1. A &

Phtirss BAZE AN FUAe grie B
& sk MEFe] e g Fi Alad
AR st 7%%4 AAA w8 7
o ok 308 FAH I Yri(AN ulhjrn] 2017).
aeu 7] EAIE FHAdkeh] 918 71 o
SAL R s} AR Ho] Fejahs HE
A FAoz o]FA AL glojA Tt ofn] gt
o] Fe] AL g Aol Ak A2 rw

L

l

0135& A £ ATE 282 AFUE A
21 (User Behavior Analytics)¥} 7
35 ol&ste] AFUE AAEe]
TP E AAA 0 R e & e ATtekal
o} olw) Thar e S 2A B EA o R 9
e WEo g T AFUES FR7F A=
7FA|oF Aol wkate] Alagk vk gy o ® oA
A =g ARa ZLM Atk - 2l AR
YE AlAEel A 7Hras o' FAH

Zb=A] ol 7] 9 AAZE AL EE
o], AlAlZoll E3He o] x| e} JIEUlFA(URL)

>,
"

o,
odth
1>
2
_llm

44 54%

1o Y o

N 52 2RI mE A4 8l 7hA
of 242 %7 A3kl AAAL] ARUE 199,

ANEE A4S er 2.9, 7hgjol e AlA
o187 A5l 24

<ATEA 2> 280 AFYE AAXEANA 7
2 ANAE od A% 542

7Lh7]-’)
<ATEA 3> Lﬁ‘r‘”] AFTHE AAEAA S
4 & shspiret ol

[e)

5
=5
e
o
rl

)
o,
r o
o
N
N
-~

A
2

-

4

2

IS

v

N

ES

|

[>
Mol
3

2 Aol
A% 7169 7]

hint
o
Bl
P e)
ro oo
V-
~>

2. o124 w7 o A A7

2.1 7Pt Alt PR

&4 AL TS A 7 F
A 2k Aws FRE 4F) AE Ee A
AE, o9 A=A Yol g w F43 o
& & B 7IvekE TP R ek o deh(E
443 Ao, 2017). Holdhe “Tprr A 24
FAl il (1)391e] AL #A1E, ()39
A ormor fxshy] A% 5How, (3)714
F2g AHgsto] AT Ag o)k Aoz Ao
gheh(atoleh, 2017, 4). Z12jut o] FAG @4

o

1o 2 T ~E Aosl]E ol HTHEA S, 2018).
webs] 7 sehs fol7t FE £ QEE v
7] 91 ok oigks 2 ]‘: stk @A = 7
Tr2x(fake news) T4l (m1smformat1on) E=

3] 9] A 1 (disinformation) 2oj9 A& A3
371 % T Murphy, 2018). ?l% AEE TH 2
Al Sz et &ojE T AR ALE-St
71 A AT A &2, 2018).

T FAAAR AL = AANA TR
e g gty YA g3 gEo] ofga
T ARAEAE ERIFHY e E 11 AdE Eold
o] AZ}Ado] Aty Ha 194 thEH A A 9
A TP AEE RS FRA ARG S A
Fxd APt FAA-AR g8 JF 2

712 SHATHF A AT Y3, 2017). wEhA

2

e
>~



A Study on the Preemptive Measure for Fake News Eradication Using Data Mining Algorithms 221

AAd Qg vARE ARTAE WA S0l
SAIALE AT 5 Aok oI5 ol Ak
ABANG B 5o A=AZ HAL AQAY

A giol weh theksl e 5 Qe

aeu ofn| VAL T e TR =
ol HE Arehs ouEA de F8EI 9l
T U B AN E st 28S 1

HE ARSI = gk

2.2 7w AL F X

w3} g Alole] AA7IZE Ahsre] A4
32 W22 <Table 1>o4 HQl nle} o] o]
7 &A@ whebd 20174 “ae] gl Ale) 7h
At v s g 20129 =S4 A2y
EREERE w Sk A A1,
017). 2, B ARAE AT AfolE

_{

AA Aae FA2F T AR AT B E4
= 2]l AFUER ok, E]Xl%ﬂuﬂﬂ a4,
o, AFea 5 Ardes T2
= 5ydos wd

A2 B4 3 =
o] A] 1.8%= A okrh
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Source Number Ratio
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(Table 4> Predictability of Evaluation Model and t-value
Evolution Model TP Rate FP Rate Precision Recall Stapdgrd t-valuel)
eviation
(gzzgﬁgé rores 069 0307 0695 069 388 -
Logistic 0.667 0.336 0.666 0.667 3.82 6083
Artificial Intelligence 0.628 0.3% 0.608 0.608 3.99 30086
SVM 0633 0373 0633 0633 418 19.064™
“0.01 p-value.
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{Table 5> Compare of AUR by Mathods of Analysis

Logistic Regression(AUR : 0.7299)

Random Forest(AUR : 0.7501)

1

0.5 4

05
0 : 0 .
0 0.5 1 0 0.5 1
MultiLayerPerceptron(AUR : 0.6341) SVM(AUR : 0.6302)
1 1
0.5 - 05
0 3 0 '
0 05 1 0 05 1

(Table 6 The Result of Modeling

Evaluation modeling TP Rate FP Rate Precision Recall standard deviation
Random Forest 0.990 0977 0.984 0.990 0.03
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Feature importances

1 0 4 6 3 5 2 8 7 9

<Figure 3) Feature Importance of Prediction Fake News
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