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Abstract We face problems from excessive information served with websites in this rapidly changing
information era. We find little information useful and much useless and spend a lot of time to select
information needed. Many websites including search engines use web crawling in order to make data
updated. Web crawling is usually used to generate copies of all the pages of visited sites. Search engines
index the pages for faster searching. With regard to data collection for wholesale and order information
changing in realtime, the keyword-oriented web data collection is not adequate. The alternative for selective
collection of web information in realtime has not been suggested. In this paper, we propose a method of
collecting information of restricted web sites by using Web crawling distributed monitoring system
(R-WCMS) and estimating collection time through detailed analysis of data and storing them in parallel
system. Experimental results show that web site information retrieval is applied to the proposed model,
reducing the time of 15-17%.
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Pages
Downloader

Scheduler

Fig. 2. Architecture of web crawler

Metadata

Initialize:
UrlsDone = @
UrlsTodo = {“yahoo.com/index.htm” ..}

Repeat:
url = UrlsTodo.getNext()
ip = DNSlookup( url.getHostname() )
html = DownloadPage( ip , url.getPath() )
UrlsDone.insert( url )
newUrls = parseForLinks( html )
For each newUrl
If not UrlsDone.contains( newUrl )

then UrlsTodo.insert( newUrl )

Fig. 3. Typical Web Craw! algorithm
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2.2 Topical crawler
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2.3 Apache Kafka
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Fig. 4. Architecture of Apache Kafka
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Fig. 5. Architecture of R-WCMS Agent
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procedure KafkaProducer
object.file<—paths
object.message<—+.json
SEND_Callback =new ContCallback()
Sand_Kafka_Broker(object)

end procedure

Sand_Kafka_Broker(object)
mq <- object
while 1:
if mq.file :
KafkaProducer message= new KafkaProducer()
SEND_Callback.send(message,object);
end if
end:

Fig. 8. Messages to the R-WCMS Manager
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Fig. 9. Architecture of R-WCMS Manager
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procedure ECD_Message
block_list w_infolweb page)
for each block in block_list
if ( block ==null ) then
Create_MQ(object)
else
Update_MQ(MQ,0bject)
end if
end for
end procedure
Create_MQ(object)
old_MQ=objec.MQ
iflold_MQ ==null )
old_MQ =object
else
new_MQ =new MQ(object)
new_MQ.detali_Obj += object
end if
Udpate_MQ(MQ,object)
for each MQ.code in MQ_Gcode
for each MAQ.detali_Obj in MQ.code
Check_MQUpdate(MQ.detali_Obj,object)
end for
end for

Fig. 10. Find messages in the R-WCMS
Fig.10 & AA|7F 2= = dlolE o] Al HRE 3



Zoltk. £ 9 vl A4 o
5

Table 1. The Performance data

Prameter value

Code : Product name

C_Time :
Message data web

Unix Time spent crawling

Teminal ID

senser data

Message

. Message size (KB)
size

Message

Type JSON

{
code : product name,
Message ctime : 1457056210797,
example url : seed Url value,
data : 1536550395.685611
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procedure BashStream
spark <-SparkSession.builder.getOrCreate()
sc <- spark . sparkContext
sglContext <- SQLContext ( sc )
ssc = StreamingContext( sc , 30 )
def my_utf8_decoder(s) :
try
if s is None :
retun "{}"
return s.decode ( 'utf-8' )
except UnicodeDecodeError
return "{}”
kafkaStream <- KafkaUtils .
lines <- kafkaStream.map(lambda X :

createDirectStream
x[ 1]
lines . foreachRDD ( process )
ssc.start()
end procedure

Fig.11. Real-time behavioral model
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Table. 2 Equation parameter

Parameter Description
S(%) Success Rate
m
Z Number of attempts
n<1
C, Number of Collect day
D, Number of Document
G, Number of gather
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Fig. 12. Code List Web Crawling
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