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Abstract Recently, the amount of created information has been rising rapidly by dissemination of state
of the art and developing of the various web service based on ICT. In additionally, the user has to need
a lot of times and effort to find the necessary information which is the user want to know it in the
mount of information. Document summarization is the technique that making and providing the
summary of given document efficiently by analyzing and extracting the key sentences and words.
However, it is hard to apply the previous of word embedding technique to the document which is
composed by korean language for analyzing contents in the document due to the character of language.
In this paper, we propose the new query-focused korean document summarization by exploiting word
embedding technique such as Word2Vec and FastText, and then compare the both result of

performance.
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