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Korean Language Clustering using Word2Vec
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Abstract Recently with the development of Internet technology, a lot of research area such as retrieval and extracting
data have getting important for providing the information efficiently and quickly. Especially, the technique of analyzing
and finding the semantic similar words for given korean word such as compound words or generated newly is necessary
because it is not easy to catch the meaning or semantic about them. To handle of this problem, word clustering is one
of the technique which is grouping the similar words of given word. In this paper, we proposed the korean language
clustering technique that clusters the similar words by embedding the words using Word2Vec from the given documents.
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Fig. 1. The process of korean word clustering
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