Joural of the KIECS. pp. 1043-1050, vol. 13, no. 5, Oct. 31 2018, &, 91, pISSN 1975-8170 | eSSN 2288-2189
Regular paper http:/ /clx doi.org/10.13067/JKIECS.2018.13.5.1043

AA] Fad Al=dloll A ZF3fsty 7INE |48 A 719

H T ul
o’ H3=", H=o™
Axd - HGE - HS

Reinforce Learning Based Cooperative Sensing for Cognitive Radio Networks
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ABSTRACT

In this paper, we propose a reinforce learning based on cooperative sensing scheme to select optimal secondary users(SUs) to enhance the
detection performance of spectrum sensing in Cognitive radio(CR) networks. The SU with high accuracy is identified based on the similarity
between the global sensing result obtained through cooperative sensing and the local sensing result of the SU. A fusion center(FC) uses
similarity of SUs as reward value for Q-learning to determine SUs which participate in cooperative sensing with accurate sensing results. The
experimental results show that the proposed method improves the detection performance compared to conventional cooperative sensing
schemes.
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