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Robust Object Tracking based on Kernelized Correlation

Filter with multiple scale scheme

) Z] **
y H 1o

o
M
rok
et

*
Jun Han Yoon", Jin Heon Kim"

Abstract

The kernelized correlation filter algorithm yielded meaningful results in accuracy for object tracking. However, because of the use
of a fixed size template, we could not cope with the scale change of the tracking object. In this paper, we propose a method to track
objects by finding the best scale for each frame using correlation filtering response values in multi-scale using nearest neighbor
interpolation and Gaussian normalization. The scale values of the next frame are updated using the optimal scale value of the
previous frame and the optimal scale value of the next frame is found again. For the accuracy comparison, the validity of the

proposed method is verified by using the VOT2014 data used in the existing kernelized correlation filter algorithm.
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Table 1. Comparison with state-of-the-art trackers.
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Fig. 2. The graph for the proposed method compared with
4 state-of-the-art trackers. (a)~(f) indicate the
VOR and CLE of overall, deformation, occlusion.
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