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ABSTRACT
In this paper, we propose a system model which effectively mitigates impulsive noise that

degrades the performance of power line communication. Recently, deep learning have shown
effective performance improvement in various fields. In order to mitigate effective impulsive noise,
we applied a convolution neural network which is one of deep learning algorithm to conventional
system. Also, we used a successive interference cancellation scheme to mitigate impulsive noise
generated from multi-users. We simulate the proposed model which can be applied to the power
line communication in the Section V. The performance of the proposed system model is verified
through bit error probability versus SNR graph. In addition, we compare ZF and MMSE successive
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(Fig. 1> Impulse noise channel model
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(Fig. 2> Example of convolution neural network.
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V. AlEdeld 23t
AE A2 RS <Table 1> BAE 87 M Falo] Hgate] AgolHS AT

(Table 1) Simulation parameters.

Parameters Value
Data mapping BPSK
Channel model PLC channel model
Noise model Impulsive noise model
Synchronization Scheme ROKSB
Interference mitigation scheme ZF, MMES and SIC with optimal ordering
) . | —€— ZF SIC with optimal ordering -:+| —€—ZF SIC with optimal ordering
10 —— MMSE SIC A 10" —— MMSE SIC I
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s .2 ;E
20 2 4t
= =
i [ £
= I}
— =
[17)
10* 10°
10t i 1
0 5 10 15 20 2 0 5 10 15 20 25
SNR (dB) SNR (dB)
(Fig. b) Results of applying successive (Fig. 6> Results of applying SIC and deep
interference cancellation learning

He 283 792 AlEdelAd Aeoln <Fig. 6> A52 M A7 7
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2 A AA 7oA ZF 953 A A7 7 E Y= MMSE 9<%

<Fig. 5> &4 4] AA 719
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