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Abstract

An increase in heavy rainfall and floods have been observed over South Korea due to recent abnormal weather. In this perspective, the
high-resolution weather forecasts have been widely used to facilitate flood management. However, these models are known to be biased
due to initial conditions and topographical conditions in the process of model building. Theretofore, a bias correction scheme is largely
applied for the practical use of the prediction to flood management. This study introduces a new mean field bias correction (MFBC)
approach for the high-resolution numerical rainfall products, which is based on a Bayesian Kriging model to combine an interpolation
technique and MFBC approach for spatial representation of the error. The results showed that the proposed method can reliably estimate
the bias correction factor over ungauged area with an improvement in the reduction of errors. Moreover, it can be seen that the bias
corrected rainfall forecasts could be used up to 72 hours ahead with a relatively high accuracy.
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mdlo] Aitsd Bl 224l LA} SOl tigt 7l o=
Il A5 E 2 A B-8/do] S7stal Qlek. e Ao i
ol 7127 R A Y Tz QI Al et 5oz QI
AlEZH HOF o 5] 2 FA|= QIA R glom o2qt
HOlE HAoh= A== IF = JItk(Berg er al., 2012;
Bordoy and Burlando, 2013; Hey et al., 2000; Landerink et
al., 2007; ThemeBl et al., 2011).
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IAISHA 2 8t Ak 7 @82 A 5 AchJee
and Kim, 2017). U e]A 02 Ty d|H BEll2 A 1A E
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2010; Jee and Kim, 2017).
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A= W] &2 th(Durai and Bhradwaj, 2014; Woodcock and
Engel, 2004).
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=352 1k A4
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