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Abstract In this paper, we propose a linear interpolation method based on patch information generated from a low
- resolution image for generating a super resolution image in a single image. Using the regression model of the
global space, which is a conventional super resolution generation method, results in poor quality in general because
of lack of information to be referred to a specific region. In order to compensate for these results, we propose a
method to extract meaningful information by dividing the region into patches in the process of super resolution
image generation, analyze the constituents of the image matrix region extended for super resolution image generation,
We propose a method of linear interpolation based on optimal patch information that is searched by correlating patch
information based on the information gathered before the interpolation process. For the experiment, the original
image was compared with the reconstructed image with PSNR and SSIM.
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Fig. 1. Flow chart of proposed method
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Fig. 2. Extract feature points using Local segment
(a) Original image
(b) Segmented image by means shift
segmentation in LR Image
(¢) Extracted feature points
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Fig. 3. Created patches for restore detail information
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SSIM(z,y) = [l (z,y)]® + [e(z,y)]P + [s(z,y)]" (8) Table 1. Quantitative comparisons
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