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EXIF-based Hashtag Recommender System
on Social Networking Service
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Abstract

Many users are uploading their daily life activities on SNS and use hashtags to describe their postings.
Hashtag has the advantage of letting users specify categories for their postings, however until now, the
users has had to manually input the hashtags which has been very inconvenient for them. Therefore,
in order to address this issue, this paper proposes a hashtag recommender system which recommends
proper hashtags to users based on their uploaded images on SNS. The proposed system is designed
using four analytic structures, which is composed of a camera information-based analysis, an address-based
analysis, a location based CF analysis, and an image-based analysis. In order to check whether the proposed
system is improved compared to the existing systems in terms of the hashtag recommendation function,
we conducted an evaluation with 212 SNS users from fifteen countries. As a result of the evaluation
process, the proposed system shows very high accuracy recommendation results compared to the existing

hashtag recommender systems.
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