Journal of the Korea Industrial Information Systems Research Vol. 23 No. 2, Apr. 2018 :11-18
http://dx.doi.org./10.9723/jksiis.2018.23.2.011  ISSN:1229-3741

AulE WS 9% £ 84 A" EZH EAI)
SVM< o] §3F ZFo| o uhy

(Snoring Sound Classification using Efficient Spectral Features
and SVM for Smart Pillow)

2od et 2 og

o

(Kim Byeong Man and Moon Chang Bae)

2 < FFoUF AeA S FIEFS(0SA : Obstructive Sleep Apnea) 22 1A ¥ o] A& 9 Fsh=
BAeE WA 5 gla, Aol Qlste] FRldlde] AAVE A A= AeE AT 5 Uk o]d sEel
wAE A7) A8 A ol ] AvtE wUiES EAIs L e, A TlEe Aol WE Vs,
= 99 Abe = ZZo] AE7t xFHO] A=A E #HHsh= vlEolth B =i AE 2utE |7
88t7] 919 Aol W WS Adsidet, Y NS 2N aEol E]q 54 FE F SVME
o] §3te] FZolE wWHstE WS AHEaAth At W] Ass FAE] A 7S I v
ARE AR, 2dds ISR ATl A TRY o 6% $2 HEA TS BT

BAFA  2uke w), SVM, 2Eo] W, 2uEY 574

Abstract Severe snoring can lead to OSA(Obstructive Sleep Apnea), which can lead to
life-threatening cases, and snoring can lead to serious pernicious relationships. In order to solve these
snoring problems, several types of smart pillows have recently been released. The core technology is
snoring discrimination technology, ie, a technique for determining whether snoring is included in the
input sound. In this paper, we propose a snoring detection method to apply to a smart pillow. After
extracting the features of the snoring sound from the input signal, we discriminate the snoring using
these features and SVM. In order to measure the performance of the proposed method, comparative
experiments with the existing methods are performed. The experimental results show about 6% better
discrimination performance than the existing method.
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Table 3 Number of Snoring Samples and Non-Snoring
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Prop
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E[6] 440 44.30 55.70
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Fig. 8 Detection Performance of the Proposed
Method and the Existing Method (440
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