https://doi.org/10.22669/krsa.2018.34.4.019 19

A AR} AR B RElEl o) g3 o W
A Fehay

O IRV | IS otk L 7)) ek | s 2kl

Seasonal analysis of Beach-related Issues

using Local Newspaper Articles and Topic Modeling™
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Abstract: The purpose of this study is to analyze the seasonal issues using the local newspaper articles with the key-
word beach from 2004 to 2017. Topic modeling and Time series regression analysis based on open source programs
were performed for analysis. Topic modeling results showed 35 topics in spring, 47 topics in summer, 36 topics in au-

tumn and 35 topics in winter. The common themes were ‘beaches’, festivals and events’, ‘accident and environmental
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issues’, ‘tourism’, ‘development and sale’, ‘administration and policy’ and ‘weather’. Time series regression analysis

showed in the spring, 5 Hot-Topics and 2 Cold-Topic were found out of the 35 topics. In the summer, 6 Hot-Topics

and 3 Cold-Topic were found out of the 47 topics. In the autumn, 4 Hot-Topics and 3 Cold-Topic were found out

of the 36 topics. In the winter, 3 Hot-Topics and 3 Cold-Topic were found out of the 35 topics. And for each season,

topics that do not fall into the Hot-Topic and Cold-Topic are classified as Neutral-Topic. In this study if seasonal

uses are different such as beaches are deemed that seasonal topic modeling for analysis of regional issues will yield

more useful results and enable detailed diagnosis.

Key Words: Topic Modeling, Time Series Regression, Beaches, Local News Paper
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No regression coefficient p—value Hot/Cold No regression coefficient p—value Hot/Cold
TO1 0.000106 0.971 - TO1 0.00698t 0.0613 -
TO2 —0.000706 0.593 - TO2 —0.001031 0.631 -
TO3 0.004946 0.0483 * Hot TO3 0.0042815 0.000207 *** Hot
T04 —0.0004819 0.714 - TO4 0.0028024 0.00613 ** Hot
T05 0.00334 0.99 - TO5 —0.001725 0.342 -
TO6 —0.006456 0.0529 - TO6 —0.001083 0.426 -
T07 —0.001409 0.597 - TO7 0.0001617 0.818 -
TO8 —0.006183 0.119 - TO8 0.0008003 0.336 -
T09 0.005636 0.166 - TO9 —-0.001032 0.682 -
TI0 —0.002733 0.255 - TI0 0.005718 0.0104 * Hot
™ —0.004290 0.0735 - T 0.0004295 0.556 -
T2 0.008534 0.0292 * Hot T2 0.002459 0.19 -
T3 0.005436 0.143 - T13 —0.001060 0.476 -
T4 —0.0001539 0.921 - T4 0.0029598 0.0111 * Hot
TI5 0.014260 0.000874 *** Hot T15 0.0004845 0.764 -
T16 0.006434 o - T16 —0.0005796 0.552 -
T 0.004890 0.145 - T7 —0.0002289 0.902 -
T18 —0.009205 0.039 * Cold T18 —-0.003477 0.0988 -
T19 —0.001665 059 - T9 0.004307 0.0423 * Hot
T20 —0.001113 0.501 - T20 —0.002461 0.123 -
T21 0.002389 0.178 - T21 0.0006878 0.817 -
T22 0.004080 0.346 - T22 0.002903 0.153 -
T23 —0.004132 0.172 - T23 —0.0008837 0.316 -
T24 —0.008454 0.291 - T24 —0.002052 0.0967 -
T25 —0.007019 0.263 - T25 0.0002976 0.727 -
T26 —0.005321 0.0648 - T26 —-0.0007517 0.566 -
T27 0.013346 0.00204 ** Hot T27 0.004227 0.089 -
T28 —0.002340 0.286 - T28 0.002179 0.0731 -
T29 —0.001192 0.565 - T29 —0.0013056 0.197 -
T30 —-0.001178 0.445 - T30 0.003403 0.236 -
T31 —-0.002835 0.0751 - T31 —0.003540 0.0178 * Cold
2 0.010047 0.0288 * Hot T32 -0.003836 0.0382 * Cold
33 —0.004969 0.0405 * Cold T33 0.004537 0.00351 ** Hot
T34 —0.010669 0.0505 - T34 —0.00000451 0.997 -
T35 0.001918 0.344 - T35 —0.007814 0.121 -
T36 -0.002377 0.35 -
T37 —0.002744 00284 * Cold
38 0.001690 0.34 -
T39 0.0008039 0.554 -
T40 —0.0008918 0.254 -
T4 —0.0007899 0.524 -
T42 0.0004471 0.876 -
T43 —0.003949 0.105 -
Ta4 —0.002055 0.0888 -
T45 0.001138 0.729 -
T46 —0.001710 0.233 -
T47 —0.006318 0.164 -
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No regression coefficient p—value Hot/Cold No regression coefficient p—value Hot/Cold
TO1 —0.0004738 0.806 - TO1 —0.0001701 0.958 -
TO2 —0.003583 0.0207 * Cold T02 —0.002247 0.167 -
TO3 —0.005446 0.385 - TO3 —0.005944 0.244 -
TO4 0.001626 0.38 - TO4 —0.006833 0.00862 ** Cold
TO5 0.011333 0.0739 - TO5 0.001626 0.682 -
TO6 —0.002991 0.0559 - TO6 0.0001419 0.978 -
TO7 —0.002418 0.628 - TO7 —0.005906 0.0905 -
T08 —0.005604 0.0836 - TO8 —0.002022 0.37 -
TO9 —0.001064 0.48 - TO9 —0.0017568 0.0791 -
T10 0.001728 0.645 - T10 0.018801 0.0147 * Hot
™ 0.002397 0.155 - ™ —0.002700 0.12 -
T2 —0.015420 0.0152 * Cold T2 0.005888 0.0197 * Hot
T13 —0.009393 0.15 - T13 —0.002613 0.213 -
T4 0.002921 0.355 - T4 0.009086 0.138 -
T15 0.010490 0.00064 *** Hot T15 0.0009355 0.448 -
T16 0.011969 0.00753 ** Hot T16 0.004098 0.218 -
7 —0.006973 0.0379 * Cold 7 0.005919 0.126 -
T18 —0.003037 0.181 - T8 —0.006459 0.124 -
T19 —0.005492 0.387 - T19 —0.001384 0.488 -
T20 —0.003656 0.332 - T20 0.013681 0.000471 *** Hot
T21 —0.002942 0.0665 - T21 —0.007675 0.325 -
T22 0.0012800 0.207 - T22 0.0003998 0.805 -
T23 0.009393 0.0000901 *** Hot T23 —0.001094 0.752 -
T24 —0.00239%6 0.246 - T24 0.004049 on -
T25 —0.001706 0.438 - T25 —0.003238 0.156 -
T26 —0.002468 0.183 - T26 0.002999 0.37 -
T27 —0.0006053 0.829 - T27 —0.013317 0.0000389 *** Cold
T28 —0.003419 0.188 - T28 —0.005849 0.0858 -
T29 —0.0004056 0.786 - T29 —0.001985 0.554 -
T30 —0.002163 0.536 - T30 —0.0038125 0.000939 *** Cold
T31 0.010037 0.0339 * Hot T31 0.004148 0.18 -
T32 0.0005463 0.39 - T32 —0.005681 0.0832 -
T33 0.010465 0.0766 - 33 0.008916 0.208 -
T34 —0.0008683 0.788 - T34 —0.0004812 0.821 -
T35 0.013312 0.174 - T35 0.0005334 0.799 -
136 —0.004974 0.234 -
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