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Abstract

A Multilinear LDA Method of Tensor Representation for ECG Signal Based Individual Identification

Electrocardiogram signals, included in the cardiac electrical activity, are often analyzed and used for various
purposes such as heart rate measurement, heartbeat rhythm test, heart abnormality diagnosis, emotion recognition
and biometrics. The objective of this paper is to perform individual identification operation based on Multilinear
Linear Discriminant Analysis (MLDA) with the tensor feature. The MLDA can solve dimensional aspects of
classification problems in high-dimensional tensor, and correlated subspaces can be used to distinguish between
different classes. In order to evaluate the performance, we used MPhysionet’s MIT-BIH database. The
experimental results on this database showed that the individual identification by MLDA outperformed that by PCA
and LDA.

B keywords : multilinear discriminant analysis; tensor representation, MIT-BIH database; electrocardiogram;
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