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Abstract

Single domain model like DatalLake framework is in spotlight because it can improve data efficiency and process
data smarter in big data environment, where large scaled business system generates huge amount of data. In
particular, efficient operation of network, storage, and computing resources in logical single domain model is very
important for physically partitioned multi-site data process. Based on the advantages of Data Lake framework, we
define and extend the concept of Connected Data Architecture and functions of DatalLake framework for integrating
multiple sites in various domains and managing the lifecycle of data. Also, we propose the design of CDA-based

Al service and utilization scenarios in various application domain.
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