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Emotion Prediction System using Movie Script and Cinematography

Jinsu Kim
College of Ari Liberal Arts, Anyang University, Professor

8 oF Aol okt YuERE 42 A5l P 50| QeluA sk AuE whas Adshnd Pt T,
& 4150] S F U5 gl LhERRE TIAHERL ohle, el thke el B9 /1, o] w9 gt

%
& B3l AL FReA R el BES oldllstEa gk

B o= giabel 2 2o gt op g, %"ﬂ °W°ﬂ wohdl Ak 53 T, wiA] Tl o8 ¥ ARE
T3] ARG FEetual o) = gokst 74 £8 71HS oAb T2k v} Pk R Lro Sk a whdsle] oAt
o] S Le] 7|star A2 Hslol w2 A A8 9}% A dlZ A 2EE AR B =ielA A9ke 4 o) FA
2ol MFH n-gram WA FElh 2A A8 Ao S W, A oF 51%, 04% FEEHUL, ADES
oF 43%, 1.6% =3tk

FAle] A oF, wldlolH, GGV, AXEHY|A, FEla B

Abstract Recently, we are trying to predict the emotion from various information and to convey the emotion
information that the supervisor wants to inform the audience. In addition, audiences intend to understand the flow
of emotions through various information of non-dialogue parts, such as cinematography, scene background,
background sound and so on.

In this paper, we propose to extract emotions by mixing not only the context of scripts but also the cinematography
information such as color, background sound, composition, arrangement and so on. In other words, we propose an
emotional prediction system that learns and distinguishes various emotional expression techniques into dialogue and
non-dialogue regions, contributes to the completeness of the movie, and quickly applies them to new changes. The
precision of the proposed system is improved by about 5.1% and 0.4%, and the recall is improved by about 4.3%
and 1.6%, respectively, when compared with the modified n-gram and morphological analysis.
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Fig. 2. A part of tagging information from movie

script(“Into the Woods™)

"go" : 51
"yes" : 48
"wish" : 45
"away” . 45
ve' : 44
"way" : 44
"never" : 44
"granny" : 43
"tree” : 42
"looks" : 41
"know" : 41
nt" : 40
"father" : 39
"look" : 38
"beans" : 38
"path” : 37

"slipper” : 35
"wolf" : 35
"would" : 33
"hair" : 33
"around"” : 33
"night" : 33
"take" : 33
"baby" : 33
"stepmother” : 31
"florinda” : 31
"could" : 30
"angle" : 29
"time" : 28
"pulls” : 28
"two" : 28
"well” : 28

"walks" : 15
"runs” : 15
"made” : 15
"midnight" : 15
"think" : 15
"shoe" : 15
"three” : 14
"sits” : 14
"grabs" : 14
"help" : 14
"side" : 14
"say" : 14
"carriage” : 14
“careful” : 14
"makes" : 14
"place" : 14

Fig. 3. Example words and frequency for candidate
keywords

| WISH TO GO TO THE FESTIVAL— neutral
= AND THE neutral
| WISH TO GO TO THE FESTIVAL, neutral

COME LITTLE BIRDS,/ DOWN FROM THE sadness

QUICK, LITTLE BIRDS,/ FLICK THROUGH joy
FLY BIRDS,/ BACK TO THE SKY,

BACK TO THE EAVES/ AND THE LEAVES/ neutral
YOU LOOK BEAU joy
NOW MAY | GO TO THE FESTIVAL? neutral
The restwval lasts three nights
neutral
l STILL 'WISH TO GO TO THE FESTIVAL./ joy
INTO THE WOODS TO VISIT MOTHER— neutral
TO GO THE FESTIVAL—— neutral
WISH. neutral
Thank you, Mother. joy
On her path to Granny_s, the little ¢ ||ioy
Joy:21 Yes. | just need to catch my breath. joy
. Yes, neutral
Sadness:13 Please. Don_t let them know |_m here. neutral
Anger:0 Thank you, jor
Foar: ‘Well, what brings you here —- and with surprise
ear| 4 Oh? surprise
oumisedn ML B e e e s et
" = neutral
Rty =)/ | AND—/ WHEN | ENTERED, THEY TRUMPE | |Surprise
Neutral:42 OH, THE PRINCE.. v | |surprise v

Fig. 4. Emotion Prediction from Movie Script
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Table 2. Recall and Precision of Each Emotion
Prediction(%)
n-gram + AR_Seq + AEK/ISAe q++
AR_Seq B Movielnfo
Recall Precisi Recall Precisio Recall Precisio
on n n
Anger 78.8 88.2 81.9 96.3 84.8 95.1
Disgust 71.8 87.1 83.2 975 83.3 97.6
Fear 81.6 89.9 83.9 95.1 84.4 97.6
Joy 84.9 90.1 84.6 95.1 86.0 96.4
Sadness 85.2 93.8 84.9 96.3 86.0 95.2
Surprise 76.1 93.1 76.1 90.5 79.5 90.9
Average 79.7 90.4 82.4 95.1 84.0 95.5
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