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ABSTRACT : All kinds of monitoring data in construction site could have outlier created from diverse cause. In this study generation
technique of synthesis value, its regression, final outlier detection and assessment are conducted to distinct outlier data included in

extensive time series dataset. Synthesis value having weight factor of correlation between a number of datasets consist of many

monitoring data enable to detect outlier by increasing its correlation. Standard artificial dataset in which intentional outliers are inserted

has been used for assessment of synthesis value technique. These results showed increase of detection accuracy for outlier and general

tendency in case of having different time series models in common. Accuracy of outlier detection increased in case of using more

dataset and showing similar time series pattern.
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Fig. 9. Outlier detection in artificial dataset under condition of f, =5.0, ErrStd=0.5 and similar three sort of time series models
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