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Analysis of Term Ambiguity based on Genetic Algorithm
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Abstract Recently, with the development of Internet media, many document materials have become exponentially
increasing on the web. These materials are described, and the information on what is the most by this text are
classified according. However, the text has meant that many have room for ambiguous interpretation must look at
it from various angles in order to interpret them correctly. In conventional classification methods it was simply a
classification only have the appearance of the text. In this paper, we analyze it in terms genetic algorithm and
local preserving based techniques and implemented a clustering system fragmentation them. Finally, the performance
of this paper was evaluated based on the implementation results compared to traditional methods.
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Table 1. Local Analysis Example2
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