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Abstract

Big data processing processes various types of data such as files, images, and video to solve problems
and provide insightful useful information. Currently, various platforms are used for big data processing, but
many organizations and enterprises are using Hadoop for big data processing due to the simplicity,
productivity, scalability, and fault tolerance of Hadoop. In addition, Hadoop can build clusters on various
hardware platforms and handle big data by dividing into a name node (master) and a data node (slave). In
this paper, we use a fully distributed mode used by actual institutions and companies as an operation mode.
We have constructed a Hadoop cluster using a low-power and low-cost single board for smooth experiment.
The performance analysis of Name node is compared through the same data processing using single board and
laptop as name nodes. Analysis of influence by number of data nodes increases the number of data nodes by two
times from the number of existing clusters. The effect of the above experiment was analyzed.
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