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A RLS-based Convergent Algorithm for Driving Characteristic
Classification for Personalized Autonomous Driving
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This paper describes a recursive least-squares based convergent algorithm for driving
characteristic classification for personalized autonomous driving. Recently, various researches on
autonomous driving technology have been conducted for level 4 fully autonomous driving. In order for
commercialization of the autonomous vehicle, personalized autonomous driving is required to minimize
passenger’s insecureness to the autonomous vehicle. To address this problem. this study proposes
mathematical model that represents driving characteristics and recursive least-squares based algorithm
that can estimate the defined characteristics. The actual data of two drivers has been used to derive driving
characteristics and the hypothesis testing method has been used to classify two drivers. It is shown that
the proposed algorithms can derive driving characteristics and classify two drivers reasonably.
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[Fig. 1] Driving situation with preceding vehicle
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[Fig. 2] Sensitivity estimation results: driver — 1
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[Fig. 2] Sensitivity estimation results: driver — 2
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<Table 2> Summary of normal distribution
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