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Abstract : In this paper, an algorithm for object counting via a conveyor system using machine vision is suggested. Object counting systems

using image processing have been applied in a variety of industries for such purposes as measuring floating populations and traffic volume, etc.
The methods of object counting mainly used involve template matching and machine learning for detecting and tracking. However, operational
time for these methods should be short for detecting objects on quickly moving conveyor belts. To provide this characteristic, this algorithm for
image processing is a region-based method. In this experiment, we counted young abalone shells that are similar in shape, size and color. We
applied a characteristic conveyor system that operated in one direction. It obtained information on objects in the region of interest by comparing
a second frame that continuously changed according to the information obtained with reference to objects in the first region. Objects were
counted if the information between the first and second images matched. This count was exact when young shells were evenly spaced without
overlap and missed objects were calculated using size information when objects moved without extra space. The proposed algorithm can be

applied for various object counting controls on conveyor systems.
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Fig. 1. Abalone young shells Counter.
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Fig. 2. Layout of the experimental system.
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Fig. 4. Progress of threshold.
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Fig. 5. Blcok diagram of threshold.
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Fig. 6. Block diagram of morphology.
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Fig. 9. Object movement per frame.
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