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Abstract With increased interest in the fourth industrial revolution represented by artificial intelligence, it has been
very active to utilize bigdata and machine learning techniques in almost areas of society. Also, such activities have
been realized by development of forecasting systems in various applications. Especially in the movie industry, there
have been numerous attempts to predict whether they would be success or not. In the past, most of studies
considered only the static factors in the process of prediction, but recently, several efforts are tried to utilize
realtime social bigdata produced in SNS. In this paper, we propose the prediction technique utilizing various
feedback information such as news articles, blogs and reviews as well as static factors of movies. Additionally, we
also experimentally evaluate whether the proposed technique could precisely forecast their revenue targeting on the
relatively successful movies.
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Fig. 1. Movie Information Retrieval in Korean Film Council
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