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Parallel Processing based Image Identifier Generation
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ABSTRACT

Recent enhancement in the still image acquisition devices has been widely perpetrated into the daily life of the
common people. Due to this trend, the voluminous still images, that are produced and shared in the personal or the
massive storage, need to controlled with effective and efficient management. The human-devised or system-generated
still image identifiers used for the identification of the images are at risk in the situation of unexpected changing or
eliminating of the identifiers. In this paper, we propose a parallel processing based method for still image identifier
generation by utilizing the still image internal features.
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Table 1. Experimental Environment

TN EETETE k!
Hadoop 2.6.0
Hadoop 7]k HIPI 2.0
X2 OpenCV 2411
Java JDK-1.7
(N Ubuntu 14.04
OpenCV 2411
e AJAH Java JDK-1.7
oS Ubuntu 14.04
Table 2. Hadoop Cluster Node Specification
et A A -8
Intel(R) Core 15-3470
Hl\j‘li‘s’t‘gr’ CPU | cpu@3.20GHz, 4 Cores
Memory 8062724 KB
Intel(R) Core i5-3470
HSEE\(;ZII) CPU | pU@3.20GHz, 4 Cores
Memory 3920764 KB
Intel(R) Core 2 Duo CPU
Hsjj"‘e’g' CPU | E7500@2.93GHz, 2 Cores
v Memory 3920764 KB
Intel(R) Core2 Quad CPU
H;}‘:“;g’ CPU | 08400@2.66GHz, 4 Cores
Memory 3920764 KB
Intel(R) Core 13-3220
%ﬁgszg' CPU | pu@3.30GHz, 2 Cores
Memory 3920764 KB
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Table 4. Time Analysis for Processing Units
Job T1 T2 T3 T4 Time
Job Omin 7min 3min Omin 7min
1 12sec 13sec 6sec Osec 36sec
656ms 23ms 259ms | 271ms | 885ms
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