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Abstract

Social issues are important factors that decide government policy and newspapers are critical channels that reflect
them. Analysing news articles can contribute to understanding social issues, but it is very difficult to analyse the
unstructured large volumes of news data manually. Therefore, this study aims to analyze the different views among
stakeholders of a specific social issue by using text analysis, word cloud analysis and associative analysis methods,
which systematically transform unstructured news data into structured one. We analyzed a total of 115 news articles
and a total of 6,772 comments, collected from the selected newspapers (Chosun—Il—bo, Joongang—Il—bo, Donga—Il—bo,
Maeil Newspaper, Busan—Il—bo) for two weeks. We found that there are significant differences in tone between
newspapers. While nation—wide daily newspapers focus on political relations with local areas, local daily newspapers
tend to write articles to represent local governments' interests.
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