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Abstract

This paper proposes a deep learning algorithm based sign detection and recognition system for the blind. The proposed
system is composed of sign detection stage and sign recognition stage. In the sign detection stage, aggregated channel
features are extracted and AdaBoost classifier is applied to detect regions of interest of the sign. In the sign recognition
stage, convolutional neural network is applied to recognize the regions of interest of the sign. In this paper, the AdaBoost
classifier is designed to decrease the number of undetected signs, and deep learning algorithm is used to increase
recognition accuracy and which leads to removing false positives which occur in the sign detection stage. Based on our
experiments, proposed method efficiently decreases the number of false positives compared with other methods.

Keywords : deep learning, sign detection and recognition, blind assistance system, AdaBoost classifier, convolutional

neural network
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Fig. 2. The example of computed channel images.
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Tablel. The number of Weak classifiers, negative samples

and hard negative samples used in training.
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