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Design and Implementation of Local Forest Fire
Monitoring and Situational Response Platform Using UAV
with Multi—-Sensor

Won-Jae Shin*, Yong-Tae Lee**

8 9 9| sfuitt SAYok= AAANE AHEH AP, A T2 A4S 1Y Toie} tEo] £ Yol G5k A4t
o7} FEHEh ol& S5 Yol A, AAA &4 HASE £ Sl ICT 719he] A %”\] 9 43 7l& A
o gt TAHET} EobA| 1 9;1‘4 ARjtsle EHEL2 F97]0] 9AE ths AlA dole AAIZE A AL B8 5%
AE Aol AR 9 S A Yotal, FRAE ALY AEote] txvl A R A AHAE AlFote AH|A0]
o & =2 Ad 0‘6‘0}4 g5, 4, 48 &¥cte At ZA € t8 ZAE9 AR 71s=cl WA avlsta,
At QAo A Q4 71&% Deep Learning 7[8He] AHE F4F £4 7|&E A3t} AdsH= Deep Learning 718 Aid:
P £ GAREE HHEHOE A6l Ado] EFE Y FEE AP vlE] S5 2N, AEA I53 At @
*k’ﬂ gk Ad T RS ddiitt AQtehs AR QA B4 dagjEol Wit A e gRlsto] Ajkek= 7o) A
5= A5

olx r&“

Abstract Since natural disaster occurs increasingly and becomes complicated, it causes deaths,
disappearances, and damage to property. As a result, there is a growing interest in the development
of ICT-based natural disaster response technology which can minimize economic and social losses. In
this letter, we introduce the main functions of the forest fire management platform by using images
from an UAV. In addition, we propose a disaster image analysis technology based on the deep
learning which is a key element technology for disaster detection. The proposed deep learning based
disaster image analysis learns repeatedly generated images from the past, then it is possible to detect
the disaster situation of forest-fire similar to a person. The validity of the proposed method is verified
through the experimental performance of the proposed disaster image analysis technique.

Key Words : Disaster-Monitoring, Farly-Warning-System, Forest-Fire-Detection, Multi-sensor, Unmanned-Aerial-Vehidle,
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